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Abstract

Values are important building blocks of political ideologies and are frequently invoked in
political debates. Yet, because values are abstract, understanding how they are expressed in
real-world discourse, and how this varies across contexts, remains a challenge. In this paper,
we introduce a large-scale, expert-annotated dataset of value expression in political text,
comprising news articles and political manifestos across nine languages. The dataset is
grounded in the refined theory of human values (Schwartz et al., 2012) and was developed
through an iterative process of annotation guideline development, annotator training, and
expert curation. Value annotations capture both the type of value expressed and its evaluative
framing, distinguishing whether values are expressed as attained or constrained. The final
dataset comprises 2,648 texts and 74,231 sentences across nine languages. This resource
enables systematic, cross-linguistic analysis of value expression in political communication
and provides a benchmark for developing and evaluating computational models of value

detection.
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Introduction

In democracies, politicians compete for citizens’ votes and approval by offering policy
alternatives and persuading voters of their merits (Downs, 1957; Sartori, 1976; Schumpeter,
1976). These processes are shaped by citizens’ systems of values and beliefs, which are
rooted in historical and cultural cleavages and, in turn, structure political ideologies and
alignments (e.g., Lipset & Rokkan, 1967). A central driver of variation in how individuals
respond to political cues is their personal values (Inglehart, 1997; Schwartz, 1992). Values,
defined as broad, trans-situational motivational goals (Rokeach, 1973; Schwartz, 1992), are
widely regarded as foundational to political ideologies (Feldman, 2003; Jost, 2017; Nelson,
2024; Thorisdottir et al., 2007) and have been shown to predict a wide range of political
attitudes and behaviors, including voting (Caprara et al., 2017; Schwartz et al., 2010) and
activism (van Herk et al., 2018; Vecchione et al., 2015).

Recent approaches to analyzing value expression in political text have drawn on
multiple theoretical frameworks, most notably Schwartz (1992) theory of human values (e.g.,
Grigoryan et al., 2023; Ponizovskiy, 2022; Suedfeld et al., 2011) and Moral Foundations
Theory (MFT; Graham et al., 2013; e.g., Dillon et al., 2025; Neumann & Rhodes, 2024;
Trager et al., 2025). While these frameworks are related, they capture different levels of
analysis. Schwartz’s (1992) theory conceptualizes values as abstract motivational goals (e.g.,
benevolence, security, power) that guide perception and behavior across contexts and are
organized in a coherent system of motivational compatibilities and conflicts. In contrast,
MFT conceptualizes moral values in terms of domain specific moral intuitions (e.g., care,
fairness, loyalty) that are typically activated in response to perceived moral violations
(Graham et al., 2013). Accordingly, moral appeals in political rhetoric, such as references to
harm, injustice or betrayal, can be understood as context-specific instantiations of broader

values, aligning with our conceptualization of value expression in text.



This distinction is important for text analysis in the political domain. Approaches
based on moral foundations are well suited to identifying moralized language and rhetorical
approach in political communication (e.g., Hopp et al., 2021; Neumann & Rhodes 2024;
Trager et al., 2025), whereas a values-based approach enables the analysis of the underlying
motivational structure that organizes such communication. We therefore focus on Schwartz
(1992) theory of human values for three reasons. First, it provides a comprehensive and
integrative model of human motivations, extending beyond explicitly moral concerns to
include a broader range of goals relevant to political discourse (e.g., power, conformity).
Second, its quasi-circumplex structure offers clear theoretical expectations regarding
relationships among values, enabling rigorous validity testing (Sagiv & Schwartz, 2022;
Schwartz, 1992). Third, Schwartz theory has demonstrated strong cross-cultural robustness
across hundreds of samples in over 80 countries (Schwartz et al., 2012), whereas evidence for
the cross-cultural generalizability of MFT is more mixed (Atari et al., 2023; Iurino & Saucier,
2020; Stecker & Hopp, 2025). Taken together, this makes Schwartz’s (1992) theory of human
values particularly well suited for comparative, multilingual analysis of value expression in
political text.

Despite decades of research on values in the political domain (e.g., Barnea &
Schwartz, 1998; Caprara et al., 2006), capturing value expression in text remains challenging
due to both the abstract nature of values and context-specificity of political discourse across
time and place (Grimmer & Stewart, 2013). Existing approaches to assessing value
expression in text have largely relied on dictionary-based methods (see Bardi et al., 2008;
Ponizovskiy et al., 2020). These methods depend on word counts, have difficulties capturing
contextual meaning (e.g., ambiguity in words such as “party”), and are often limited to

specific languages and cultural contexts (i.e., western, English-speaking populations).



More recently, multilingual transformer-based models have been developed to detect
moral values in political text (see Preniqi et al., 2024), improving on dictionary-based
approaches (e.g., Simonsen & Widmann, 2023; Widmann & Simonsen, 2025) by capturing
contextual meaning and enabling cross-lingual generalization. However, these models are
typically trained on task-specific labels and may lack transparency in their training data and
annotation procedures, which can limit interpretability and comparability. In contrast, our
approach prioritizes theory-driven, expert-annotated data grounded in Schwartz’s (1992)
theory of human values, enabling psychologically interpretable and cross-lingually
comparable analysis while providing an expert-guided, theoretically grounded resource for
training and evaluating computational models for the expression of values in political text.

To address limitations of existing approaches to the analysis of value expression in
text, we develop a theory-driven dataset of value annotations based on expert coding of news
articles and political manifestos across nine languages (Bulgarian, Dutch, English, French,
German, Greek, Hebrew, Italian, and Turkish). By engaging values scholars in the annotation
process, the dataset provides an expert-guided, theory-grounded resource for detecting
context-sensitive value expression in text. This dataset can be used to investigate how values
are expressed in political discourse and to train computational models for cross-lingual value
detection (see Kiesel et al., 2024). By combining media coverage and manifestos across
diverse political topics, this dataset offers a foundation for analyzing the values-politics nexus
and for understanding how policies and political stances are framed in terms of human
motivations, with implications for issues such as political polarization and public
communication (Smillie & Scharfbillig, 2024).

The Importance of Values for Understanding Political Preferences
Values play a central role in guiding human behavior and shaping social systems. They

represent enduring, trans-situational beliefs about what is desirable or important and



influence preferences, priorities, and actions (Rokeach, 1973; Schwartz, 1992). While
individuals share a near-universal set of values, they differ in the relative importance they
assign to them, and these differences guide judgements and choices, including political
preferences (Schwartz et al., 2010).

Schwartz (1992) developed the most widely cited theory of the content and structure
of values in the psychological domain, conceptualizing them as expressions of universal
motivational goals derived from basic biological needs, social coordination, and group
survival (Schwartz & Bilsky, 1987). In his theory, Schwartz identified ten basic values that
express distinct motivations (i.e., power, achievement, hedonism, stimulation, self-direction,
universalism, benevolence, tradition, conformity, and security). These values are organized in
a quasi-circumplex structure around a continuum of motivational conflicts and compatibilities
(see Figure 1, inner circle in bold text) and can be summarized into two higher-order value
dimensions: self-transcendence versus self-enhancement, and conservation versus openness
to change.

Subsequent research further partitioned the circumplex into 19 conceptually distinct
refined values (Schwartz et al., 2012; see Figure 1 inner circle). Consistent with Schwartz’s
(1992) definition of values as abstract and universal, the 19 refined values have been shown

to hold similar meanings across cultures (Cieciuch et al., 2014; Schwartz & Cieciuch, 2022).



Figure 1

The Circumplex Structure of Schwartz et al.’s (2012) Refined Values

Note. Adapted from Refining the Theory of Basic Individual Values, by Shalom H. Schwartz, Jan

Cieciuch, Michele Vecchione, Eldad Davidov, Ronald Fischer, Constanze Beierlein, Marek Konty...

published in the Journal of Personality and Social Psychology, 103(4), 663—-688.

While basic and refined values themselves are universal, their behavioral expressions
are context dependent. For example, although environmental protection is widely valued,
people in different countries associate it with different actions (e.g., conserving water in
Brazil vs. recycling in the UK; Hanel et al., 2018). Such variation is particularly pronounced
in politics (Caspers et al., 2011), where shared values can underpin divergent interpretations
of the same policy. Despite broad overlap in value priorities across political groups (Wolf &
Hanel, 2024), policies may be interpreted as humanitarian by some and harmful by others, a
dynamic amplified in contemporary polarized social media environments (Van Bavel et al.,
2024, Scharfbillig et al. 2026).

Recent theoretical work conceptualizes values as abstract cognitive categories that are

expressed through context-specific instantiations (i.e., concrete actions, events, or policies



that reflect underlying motivational goals; Maio, 2010). This perspective reconciles the
universality of values with the variability of their expression: while values are broadly shared,
their instantiations differ across cultural, social, and historical contexts. Empirical research
supports this view, showing systematic variation in value instantiations across cultures and
political groups (Hanel et al., 2018; Ponizovskiy, 2022). The idea that people perceive the
same actions, events, and policies through different values and moral principles has informed
the development of effective communication strategies, particularly for bridging political
divides (e.g., Feinberg & Willer, 2015), challenging earlier findings that persuasive
communication requires alignment of abstract values (e.g., Maio et al., 2014).

However, research on value instantiations, particularly in political contexts, remains
limited, especially in cross-cultural settings (e.g., MacDonald, 2023; Scharfbillig et al.,
2025). This project addresses this gap by introducing a multilingual, cross-cultural dataset
that links value expression in text to specific policies and events, enabling fine-grained

analysis of value instantiations in political discourse.

Current Approaches to Measuring Values in Text

Research on values in text has largely relied on dictionary-based approaches to detect value
expression (e.g., Bardi et al., 2008; Ponizovskiy et al., 2020; Suedfeld et al., 2011; Suedfeld
& Brcic, 2011). These methods identify values through predefined word lists and have been
applied to diverse domains, including political speeches, public discourse, and policy debates.
However, dictionary-based approaches are limited in their ability to capture contextual
meaning, as they assume stable word-value associations and struggle with ambiguity
(Stefanovitch et al., 2023). This limitation extends to probabilistic dictionaries, which weight
words based on co-occurrence patterns, but still rely on fixed word-to-value relations. Such

assumptions may be especially problematic in ideologically loaded contexts, where the same



words can convey different values depending on usage (e.g., “freedom of” vs “freedom to”;
Passini, 2017).

In contrast to standard and probabilistic dictionaries, natural language processing
(NLP) approaches enable a more context-sensitive analysis of value expression by leveraging
co-occurrence patterns and contextual representations. In particular, transformer-based
models can capture meaning beyond individual words and have been used to train classifiers
for values and moral content (Devlin et al., 2019). For example, Preniqi et al. (2024)
demonstrate that such models outperform dictionary-based approaches, highlighting the
importance of contextualization in detecting normative content. This aligns with evidence
that differences in political communication often lie not in what values are expressed, but in
how they are framed (Kraft & Klemmenson, 2024).

Despite these advances, several limitations remain. Transformer- and LLM-based
approaches are typically trained on task-specific labels and may lack transparency in training
data and annotation procedures. Further, while LLM-generated or weakly supervised corpora
are increasingly used, prior work shows that such approaches remain dependent on high-
quality human-annotated data for calibration and evaluation and do not yet provide a full
substitute for gold-standard annotation (Devlin et al., 2019; Ratner et al., 2017; see also
Trager et al., 2025; Zangari et al., 2025). In addition, existing NLP research frequently lacks
clear and consistent theoretical grounding, with varying conceptualizations of moral and
value-related constructs, limiting interpretability and comparability across studies (Zangari et
al., 2025; see also Vida et al., 2023).

Although NLP approaches to moral content have advanced rapidly, work on human
values remains limited. Recent efforts to address this gap include annotated datasets of value
expression in argumentative texts (Kiesel et al., 2022, 2023). In this work, crowd workers

annotated short justifications for policy positions in a debate corpus using Schwartz et al.’s
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(2012) 19 refined values.! While this dataset enables the detection of value expression in
structured arguments, it is restricted to narrowly defined argumentative contexts and does not
generalize to broader forms of political discourse. This is a key limitation, as arguments
constitute only a subset of political communication (e.g., news and speeches).

To address this gap, the present study introduces a multilingual, cross-cultural dataset
of expert-guided value annotations in political news and manifestos. By capturing value
expression in more complex and widely occurring forms of political text, this dataset enables

a more comprehensive analysis of how values are expressed in real-world political discourse.

The Value Annotations Dataset
The value annotations dataset presented in this paper offers several features that make it a
valuable resource for both values research, political analysis, and computational social
science. First, to the best of our knowledge, it is the largest available dataset of annotated
value expression in text. Second, it includes annotations in nine languages (i.e., Bulgarian,
Dutch, English, French, German, Greek, Hebrew, Italian, and Turkish), spanning diverse
cultural contexts. This multilingual scope extends beyond the predominantly English-
language focus of prior work (e.g., Ponizovskiy, 2022; Suedfeld et al., 2010, 2011) and
enables cross-cultural comparisons of value expression, complementing findings from survey
research (Beugelsdijk & Welzel, 2018; Inglehart, 1990). To ensure consistency across
languages, annotators in all language groups undertook the same training and followed the
same annotation protocol (see Reitis-Miinstermann et al., 2024).

Third, the dataset covers a broad range of politically salient topics, including energy,

economy and industry, education and science, environment and climate change, health

! Crowd workers undertook the annotation task by choosing value expressions from a list of 54 value statements
developed from survey items measuring the 19 refined values (such as “Have life accepted as is” for the value
“humility”).
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(including COVID-19), immigration, crime and justice, national security, European Union
and international relations, social care and human rights, and working conditions. This topical
diversity makes the dataset well suited for analyzing political discourse and societal conflicts.

Fourth, annotations were produced by experts in values research, drawn from social
psychology, political science, sociology, business and economics, and data science, to ensure
close alignment with Schwartz (1992) theory of human values. This approach reflects the
interpretive complexity of value identification: although expert coders typically achieve only
modestly higher inter-annotator agreement than non-experts (= .10 — .11 a), they provide
more consistent and theoretically grounded judgments, which is critical for construct validity
(Milkova et al., 2023). This contrasts with prior datasets relying on crowd-sourced
annotations (e.g., Kiesel et al., 2022, 2023) and supports a theory-driven approach to value
annotation.

Fifth, the dataset includes text span level annotations that capture the contextualized
expression of values, moving beyond word-level dictionary approaches (e.g., Bardi et al.,
2008; Ponizovskiy et al., 2020). This allows values to be interpreted in context, accounting
for ambiguity and variation in meaning across different usages.

Finally, the dataset introduces a second annotation layer capturing value fulfilment,
distinguishing whether a value is expressed as attained, constrained, or ambiguous. This
distinction reflects the dual nature of values as both desirable and aspirational (Rokeach,
Schwartz, 1992; Woltin & Bardi, 2018). In political discourse, values may be invoked as
being promoted or attained (e.g., a policy framed as ensuring freedom and democracy,
promoting the attainment of universalism values) or as being threatened or constrained (e.g.,
the same policy framed as threatening our safety, thwarting security values). The dataset

captures this directionality by coding whether a value is expressed as (partially) attained,
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(partially) constrained, or neither, enabling a more contextual analysis of how values are
framed and contested in political text.2
Method

In this section, we describe the corpus construction, annotator recruitment and training, and
the annotation and curation procedures. The project was conducted between May 2023 and
April 2024 and was coordinated by a core project team at the Joint Research Centre of the
European Commission. This team designed and managed the annotation campaign, recruited
expert annotators, and developed the annotation guidelines.

Annotation teams were led by language leads, who received onboarding and training
from the core team. Regular meetings were held with language leads to review example
annotations and resolve ambiguities in value classification. Throughout the project, the core

team monitored annotation progress and provided ongoing technical and procedural support.

Participants and Procedures
We recruited values experts to fill the roles of annotators, curators, and language group leads
in the annotation process, via (a) an open call issued by the Joint Research Committee (JRC)
of the European Commission and (b) snowball sampling through existing research networks.
The decision to recruit experts was motivated by the interpretive complexity of value
identification and the need to ensure close alignment between annotations of value expression
and Schwartz’s (1992) theoretical framework.

Eligibility criteria required participants to have research experience in human and/or

cultural values and high proficiency in at least one of the nine focal languages. Participants

2 The research team considered alternative ways of coding the evaluative quality of value expression (e.g.
whether the value was framed positively or negatively). However, pilot testing indicated that the more
informative distinction concerned the extent to which a value was expressed as being attained or constrained.
This approach is consistent with Schwartz’s theory, which conceptualizes values as desirable end states, and
with related work in MFT that distinguishes between “virtues” and “vices” as opposing expressions of the same
underlying moral dimension (Hopp et al., 2021).
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were assigned to language-specific groups and allocated roles as annotators, curators, and/or
language leads. In total, the annotation campaign involved 66 annotators, 21 curators, and 9
language leads.3

Annotators were responsible for reading assigned texts and identifying and annotating
spans of text for value expression. The number of texts per annotator varied depending on
availability and language-specific needs. Curators, selected based on their extensive expertise
in values research, reviewed annotated texts and resolved disagreements. Each language
group was coordinated by one or more language lead, who oversaw recruitment, onboarding,

and training, and managed the allocation of texts for annotation and curation.

Materials

The corpus comprised texts from two primary sources: (1) news articles extracted from the
Europe Media Monitor (EMM)4 and (2) excerpts from manifestos of major political parties
in the focal languages.5 The procedures for selecting and processing texts from each source

1s described in detail below.

News Media
The selection of news articles followed a two-stage process: (1) automated pre-selection and
(2) manual selection and cleaning.

Automated pre-selection. For the European Union language groups (Bulgarian,
Dutch, English, French, German, Greek, and Italian), we first drew a random sample of

32,500 news articles per language (400-800 words in length) from the EMM, covering both

3 Fifteen curators also contributed as annotators within their respective language groups; in these cases, their
annotations were independently curated by another curator to ensure consistency and avoid self-review.

4 https://data.jrc.ec.europa.eu/collection/emm

5 For all language groups the political manifestos and news media sources came from the country of origin (i.e.,
Bulgarian political parties and Bulgarian news media for the Bulgarian language group). The exception was the
English language group where the majority of news media texts were drawn from sources in the Republic of
Ireland and political manifestos were drawn from the United Kingdom and the USA.
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mainstream6 and unverified sources.’ Articles were published between January 1, 2019, and
March 31, 2023. From this pool, we retained articles tagged with the following EMM topic
categories: 8 Immigration/refugees, working conditions, economy/industry,
environment/energy, health, defense, and education/role of science. For each topic, we
randomly selected 75 articles from mainstream sources and 10 from unverified sources,
resulting in approximately 600 articles per language.

For Turkish and Hebrew, we initially retrieved 510 articles (400-800 words in length)
from all EMM sources and 150 from unverified sources. As many Hebrew articles were
excluded during screening due to a lack of relevance to the focal topics, an additional 350
articles (plus 90 articles from unverified sources) were retrieved. Unlike the EU languages,
these samples were not pre-stratified by topic. For Turkish, an additional semi-supervised
topic modelling step was used to classify article content prior to manual selection.

Manual selection and cleaning. The pre-selected articles were provided to language
leads in spreadsheet format (see Annex 2). Language leads selected up to 300 articles that
were deemed “value-laden” (i.e., likely to contain value expression), while maintaining a
balanced distribution across topics and source types (mainstream vs unverified).’

This step reflects a signal-driven sampling strategy, designed to increase the density
of value-relevant content and ensure the efficient use of expert annotation resources. Value
expression in naturalistic text is relatively sparse, with prior work suggesting that only around
one third of texts contain identifiable value content (Milkova et al., 2023). Consequently,

purely random sampling would yield a large proportion of articles with little or no

¢ Mainstream sources are based on a manually curated list of 465 EU27 online sources monitored by the Europe
Media Monitor (EMM) and represent the most popular open news websites in each EU Member State in terms
of visitors. The number of outlets per country was weighted based on the countries’ population.

7 These sources monitored in the EMM have been identified by independent fact checkers and other independent
experts as frequently spreading extreme views and mis- or disinformation.

8 EMM includes keyword-based labelling of articles in their processing chain for the selected sources.

° The EMM database is compiled via automated web scraping of thousands of news websites and blogs across
more than 50 languages worldwide (Steinberger et al., 2013). As a result, the data are inherently noisy, requiring
substantial manual cleaning, with variability in data quality across languages.
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annotatable signal (e.g., descriptive reports on financial markets or sports results), reducing
both efficiency and data quality. The resulting dataset is therefore not intended to be
representative of the full distribution of news content, but rather to provide a theoretically
informative sample in which value expression is sufficiently prevalent to be reliably
identified and analyzed. Importantly, this preselection operates at the level of stimulus
sampling and does not determine what counts as a value; value identification remains
grounded in theory and is conducted during annotation.

Initial screening was based on brief article excerpts, followed by verification or
reassignment of topic categories using a predefined list or a free-text option. Free-text entries
were subsequently harmonized across languages to ensure consistency in topic classification
(see Table 1, column 1). Selected articles were then cleaned by removing duplicates,
symbols, URLs, and copyright information.10

As shown in Table 1, the final set of news articles selected for annotation comprised
2,354 texts. The number of articles per topic ranged from 78 (social care/human rights) to
449 (economy/industry). Across language groups, article counts ranged from 185 (French) to
373 (English).

The corpus was designed to capture value expression in political text, rather than to
provide uniform coverage across all topic domains. Accordingly, variation in topic
distributions across languages reflects differences in media coverage within the Europe
Media Monitor system and language-specific filtering decisions (e.g., Hebrew resampling),
rather than a theoretically driven imbalance. Given the focus on political discourse, the
primary criterion was ensuring sufficient coverage of value-relevant content within these

domains, rather than achieving equal representation across all topic categories.

19 Due to successive manual cleaning and selection steps, the initial randomization of topics and articles within
topics may be partially attenuated.



Table 1

Total News Article Counts per Topic for each Language at the Curation Stage

Bulgarian  German Greek English French Hebrew  Italian  Dutch = Turkish Total Mean SD
(Renewable)
Energy 14 1 12 4 4 4 16 14 88 157 17.4 27.0
Economy/industry 42 44 51 44 39 53 82 59 35 449 499 14.1
Education/role of
science 10 7 11 18 11 12 11 10 48 138 15.3 12.6
Environment/
climate change 4 17 11 19 10 4 6 21 0 92 11.5 6.8
Health/Covid 16 22 26 61 22 36 44 42 39 308 342 14.1
Immigration/
refugees 6 8 18 8 13 3 28 22 18 124 13.8 8.3
Judiciary/crime 9 14 5 32 4 10 0 14 0 88 12.6 9.4
National defense/
security 10 25 37 41 12 47 31 44 31 278 309 13.2
Other 9 30 10 40 10 6 0 8 0 113 16.1 13.3
Politics 49 33 55 51 31 16 0 7 0 242 34.6 18.3
Role of EU/
international
relations 33 2 49 11 10 11 13 23 14 166 18.4 14.4
Social care/ human
rights 9 6 6 29 14 8 0 6 0 78 11.1 8.4
Working
conditions/
minimum wage 15 12 7 15 5 4 14 23 26 121 13.4 7.6
Total 226 221 298 373 185 214 245 293 299 2354
Mean 17.4 17.0 22.9 28.7 14.2 16.5 27.2 22.5 37.4 181.1
SD 14.4 13.1 18.6 17.8 10.5 17.2 23.8 16.3 23.2 108.9




Political Manifestos

To capture a diverse range of political perspectives, we selected manifestos from 70 political
parties that competed in the most recent parliamentary elections11 (2019-2023) in Austria,
Germany, Bulgaria, France, Greece, Italy, the Netherlands, Turkey, Israel, Ireland, the United
Kingdom, and the USA. Parties were primarily selected based on parliamentary
representation (i.e., number of seats in parliament), with additional parties included in
countries with fewer than six parliamentary parties based on vote share.

For each party, we extracted manifesto excerpts related to key policy areas:
(renewable) energy, immigration/refugees, minimum wage, national defense/security,
education and economy/industry. The Greek language group additionally included excerpts
classified as “international affairs” and “most topics” where content spanned more than one
pre-defined category.

As shown in Table 2, the dataset includes 294 manifesto excerpts (M = 32.7 per
language group). The number of excerpts per topic ranged from 37 (minimum wage) to 58
(economy/industry). Across language groups, excerpt counts ranged from 24 (Turkish) to

36 (Hebrew).

' For the French language group, manifestos from the presidential election were used.



Table 2

Total Manifesto Excerpt Count per Topic for each Language

Bulgarian German Greek English  French  Hebrew Italian Dutch  Turkish Total Mean SD
(Renewable) Energy 4 7 3 5 6 5 5 5 4 44 4.9 1.2
Economy/industry 8 9 5 8 6 7 6 5 4 58 6.4 1.7
Education 7 6 4 5 6 6 5 5 4 48 53 1.0
Immigration/refugees 3 8 4 6 6 7 6 5 4 49 54 1.6
Mixed topics 0 0 5 0 0 0 0 0 0 5 0.6 1.7
National defense 7 8 3 6 6 6 6 5 4 51 5.7 1.5
/security
International affairs 0 0 0 0 0 0 0 0 2 0.2 0.7
Minimum wage 5 2 4 5 4 5 3 5 4 37 4.1 1.1
Total 34 40 30 35 34 36 31 30 24 294 32.7 4.6
Mean 4.3 5.0 3.8 4.4 4.3 4.5 3.9 3.8 3.0 36.8
SD 3.1 3.7 1.0 2.9 2.7 2.9 2.6 23 1.9 21.4
Number of political 7 8 7 13 6 8 6 11 4 70

parties




Annotations

Annotator Training

The annotator training was designed to promote rapid skill development and a shared
understanding of the expression of Schwartz et al.’s (2012) refined values in political texts
across language groups. Annotators were trained to (1) identify value-laden spans of text, (2)
assign the relevant refined value(s) expressed in each span, and (3) indicate whether the value
was expressed as attained, constrained, or undecided. To support consistency, annotator
training emphasized prioritizing the evaluative meaning most directly expressed in the text.
Explicit normative content was prioritized over implied meaning, while more distal or
instrumental interpretations were treated as secondary. Although multiple values could be
assigned to the same sentence or overlapping text spans when clearly present, annotators
were encouraged during training to identify a dominant value in ambiguous cases to enhance
reliability and reduce over-attribution.

Training proceeded in three stages. First, all annotators and curators were introduced
to a comprehensive annotation guide (Reitis-Miinstermann et al., 2024) by their language
leads. The guide outlines Schwartz et al.’s (2012) theory of refined values and provides
detailed instructions for identifying and annotating the expression of the 19 refined values in
text. Although an initial version of the guide was used at the outset, it was iteratively updated
throughout the project based on feedback and the resolution of ambiguous cases at both the
language group and project levels.

Second, participants completed a structured training program using an online platform
with flashcard-based exercises. Each flashcard presented a sentence alongside a set of
candidate values and required annotators to identify the dominant value(s) and indicate
whether the value was expressed as being attained or constrained (see Supplemental

Materials, Annex 1). The flashcards were developed iteratively from value-laden sentences
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drawn from English language news articles and were refined through bi-weekly discussions
with the core project team and language leads. During this process, candidate annotations
were compared, disagreements were resolved through discussion, and examples were revised
or excluded where no clear resolution could be reached. This iterative approach served as a
form of content validation, ensuring that training items closely reflected annotation guidelines
and supported the development of shared decision rules.

Flashcards were organized into four levels of increasing difficulty, progressing from
relatively unambiguous sentences with a limited set of candidate values (Level 1) to more
complex and context-dependent cases with a broader range of value options (Level 4).!? The
Level 4 flashcards often involved interpretive challenges, and these cases were used as
training opportunities to develop shared decision rules, with an emphasis on identifying the
dominant value expressed in context. For example, when multiple values could plausibly be
inferred from a sentence, annotators were instructed to prioritize the value most directly and
explicitly expressed in the text, rather than more distal or instrumental interpretations. At the
same time, annotators were permitted to assign multiple values, including overlapping spans,
when distinct value meanings were clearly present.

Third, prior to the main annotation phase, all annotators completed a calibration task
by annotating the same political speech using the annotation platform. ' These annotations
were reviewed by language leads and discussed within language groups to assess agreement
and further align annotation practices.

The Annotation Campaign
The annotation campaign ran from May 2023 to April 2024. Throughout this period,

language leads met weekly with the core project team via MS Teams to discuss complex

12 Flashcards were provided in English (238 items across four levels), French (63 items, level 2), and Italian
(198 items, levels 2, 3, and 4).

13 State of the European Union Speech 2022 by Ursula von der Leyen:
https://ec.europa.eu/commission/presscorner/detail/en/speech_22 5493
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annotation cases and agree on consistent solutions (see Supplemental Materials, Annex 3).
Prior to each meeting, language leads submitted challenging cases to a shared online
spreadsheet. Agreed resolutions were incorporated into the annotation guidelines and
communicated to all annotators within each language group. All meetings were recorded and
made available to the core project team and language leads.

Approximately four months into the annotation campaign, once sufficient data had
been annotated, inter-annotator agreement (IAA) was assessed. Pairwise agreement within
each language group was calculated using Cohen’s kappa, while overall agreement for each
language was estimated using Krippendorf’s a (Krippendorff, 2018). These metrics were
reviewed and discussed during project meetings to identify areas requiring further training
and alignment.

In addition, language-specific meetings were held fortnightly and led by language
leads. These sessions provided a forum for annotators to raise complex cases, discuss
guideline updates, and review IAA results, supporting ongoing calibration and consistency in
annotation practices.

The Annotation Guidelines

Annotators were instructed to (1) identify value-laden spans of text, (2) assign the
relevant refined value(s) expressed in the text span, and (3) indicate the attainment level of
the assigned value(s) (i.e., attained, constrained, or undecided). Figure 2 provides an example
from the annotation guide (Reitis-Miinstermann et al., 2024), illustrating the annotation of a
text span expressing universalism-nature, along with its attainment label.

Importantly, the annotation framework allows for multiple values to be expressed
within the same sentence or text span. Annotators could assign more than one value label,
including overlapping spans, when distinct value expressions were clearly present. However,

consistent with the training protocol, emphasis in the annotation guidelines was on
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identifying the dominant value in context to promote reliability and reduce over-attribution in
ambiguous cases. In line with the annotation guidelines, annotators were instructed to
prioritize the value most directly and explicitly expressed in the text, rather than more distal
or instrumental interpretations. This principle was reinforced in flashcard training, where
complex examples were used to develop shared decision rules while still acknowledging that
value expressions can be multifaceted.

Figure 2

Example Annotation of the Expression of Universalism-Nature in Text

Example 1:

"It is our duty to protect nature from the massive loss of biodiversity currently ongoing.”
Attainment label: (Purticlly) attained

Helpful for the fulfilment of the value is the fact that the person sees it as their duty.
Example 2:

“We need to do more to protect the environment.”
Attainment label: (Partially) attained

The sentence expresses a request for the value which is helpful for its fulfilment.
Example 3:

"The traditional method to produce horey is much better for the environment.”
Attainment label: (Purticlly) attained
The described new way of production Is helpful for the fulfilment of the value.
Example 4:
"The eviderce points now towards doom for the climate.”
Attainment label: (Particlly) constrained

The sentence indicates clearly that the nature will suffer and thus is constraining the value.

Note. From Values in News and Political Manifestos: Annotation Guidelines, by Reitis-Miinstermann,
T., Schulze Brock, P., Scharfbillig, M., Stefanovitch, N. and De Longueville, B., (2024), Publications

Office of the European Union.

Annotations were conducted using the INCEpTION platform (Klie et al., 2018), a
web-based interface designed for collaborative annotation projects. 14 Annotators accessed

assigned texts within the platform and could adjust the number of visible sentences to

14 https://inception-project.github.io/
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incorporate broader context, including titles. Value annotations were applied by highlighting
value-expressive text spans and assigning corresponding value and attainment labels.

Annotators were encouraged to select text spans up to the sentence level to preserve
contextual meaning, but could annotate longer or shorter spans if justified (e.g., when
consecutive sentences formed a coherent argument). Overlapping annotations were permitted
where multiple values were expressed within the same text span. In total, 43,248 text spans
were annotated.

Table 3 summarizes annotator participation and annotation output by language group.
Annotators completed an average of 41 texts each, ranging from 28 (Hebrew) to 78 (Dutch).
Most texts (82%) were annotated by two experts, while 12% were annotated by a single
expert. Thus, while most texts received dual annotations, reliability was further supported
through shared training, overlapping assignments, and ongoing calibration procedures,
enabling consistency at the dataset level rather than relying solely on per-item agreement.
Single-annotator cases primarily arose due to resource constraints and were retained to

preserve corpus coverage.



Table 3

Number of Annotators, Texts and Annotations by Language Group at the Curation Stage

24

Language Annotators Media Manifestos Total Mean Total Mean
group articles Texts texts per  annotations annotations
coder per coder

Bulgarian 5 226 34 260 52 6919 1384
German 10 221 40 261 26 9183 918
Greek 5 298 30 328 66 7349 1470
English 10 373 35 408 41 10305 1031
French 6 185 34 219 37 4650 775
Hebrew 9 214 36 250 28 7331 815
Italian 8 245 31 276 35 6379 797
Dutch 4 293 30 323 81 10982 2746
Turkish 9 299 24 323 36 11133 1237
Total 66 2354 294 2648 40 74231 1125
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Annotation Validation and Curation

To assess agreement between annotators, inter-annotator agreement (IAA) was
estimated using Krippendorff’s a for all annotator pairs within each language group at both
the level of the 10 basic values (Schwartz, 1992) and the 19 refined values (Schwartz et al.,
2012).!> Agreement was calculated for annotated text spans with at least 50% word overlap
(see Table 4 for examples). This threshold was selected to balance comparability and
flexibility, allowing for minor boundary differences in span selection while still requiring
substantial overlap in annotated content. Empirically, it approximately doubled the number of
comparable annotation pairs relative to exact matching, with only a negligible effect on IAA
estimates (A = 0.02).
Table 4

Example of IAA Cases Subject to Span Overlap

status: AGREE @
text 1: The federal waiver will allow states to avoid label 1: Conformity-rules
requiring applicants to have greater knowledge on
the maintenance of a bus engine components

text 2: avoid requiring applicants to have greater label 2: Conformity-rules
knowledge on the maintenance of a bus engine
components

status: DISAGREE
text 1: we will get additional, qualified drivers label 1: Universalism-concern
behind the wheel to get kids to school safety
text 2: By allowing states to focus on the testing label 2: Security-societal
requirements that are critical to safety, we will get
additional, qualified drivers behind the wheel to get
kids to school safety

As shown in Table 5, across all annotations, a = 0.546 for the basic values and a =

0.486 for the refined values. These values fall below the commonly cited threshold of a =

15 Annotations for the 10 basic values were derived by aggregating counts of annotations for the corresponding
refined values (e.g., annotation counts for security-societal and -personal were summed to create a count for the
basic security values). In this procedure, humility was included in conformity, and face within power, consistent
with the structure of values.
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0.667 (Piskorski et al., 2023), indicating moderate agreement. Variation in [AA was observed
across language groups (i.e., basic values: @ = 0.367 to 0.696; refined values a = 0.340 to
0.680), with the Greek and French groups exceeding this threshold (¢ = 0.696 and a = 0.685
respectively).16

Importantly, these levels of agreement reflect the inherently interpretive nature of
value annotation. In line with recent perspectivist approaches to subjective annotation
(Cabitza et al., 2023), the annotation process was designed to focus on consistency but not at
all costs. The process targeted a “ground truth” with calibration procedures, including shared
training, iterative guideline development, and regular cross-language discussions, aimed to
align annotators on theoretical principles but still allowing some limited degree of flexibility
in ambiguous or context-dependent cases.

Disagreements were subsequently resolved during a structured curation phase, in
which expert curators adjudicated annotations with reference to established guidelines and
precedents. This process was intended to ensure theoretical coherence and cross-lingual
comparability, rather than impose a single perspective. Accordingly, the IAA scores reported
here should be interpreted as reflecting pre-curation variation in annotations, not the final
level of consistency in the curated dataset. The curation procedure is described in the
following subsection.

Table 5

Krippendorff’s Alpha’s for Annotations by Language Group

BG DE EL EN FR HE IT NL TR All
o, basic 0.495 0367 0.696 0.409 0.685 0.557 0.610 0411 0463  0.546
values
arefined 0.473 0340 0.680 0371 0.656 0.533 0.609 0380 0.408  0.486
values

16 Although IAA estimates are reported based on the full set of completed annotations, a values remained
relatively stable within each language group throughout the annotation campaign. We also tested for Prevalence
and Bias Adjusted Kappa (PABAK), but the results are not qualitatively different from Cohen’s kappa.
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Note. BG = Bulgarian, DE = German, EL = Greek, EN = English, FR = French, HE = Hebrew, IT =

Italian, NL = Dutch, TR = Turkish.

Curation. To ensure the integrity and consistency of the dataset, all annotations were
subject to a structured curation process within each language group. Where annotators
independently selected the same text span and assigned the same value and attainment label,
these annotations were automatically accepted, following the principle that independent
agreement provides evidence of annotation reliability (Artstein & Poesio, 2008). Similarly,
text segments that were not annotated by multiple annotators were treated as consensual
instances of no value expression.

Curation was required in cases of disagreement, including (1) partial or non-
overlapping span selections within the same sentence, and/or (2) differing value or attainment
labels assigned to the same or overlapping text spans. These cases were adjudicated by
trained curators (domain experts) using a structured procedure. Rather than relying on ad hoc
judgment, curators resolved disagreements through systematic reference to the annotation
guidelines, documented precedents from prior adjudications, and decisions established in
regular cross-language calibration meetings. When necessary, ambiguous cases were
escalated to discussion at the project team meetings to ensure consistent application of the
coding framework. Curators could either select the most appropriate value label for a span,
refine span boundaries, or discard the annotation if value expression was not sufficiently
supported (cf. Bayerl & Paul, 2011; Talat & Hovy, 2016).

This process was designed to prioritize theoretical coherence and consistency across
annotators and languages, while remaining grounded in explicit guidelines and shared
decision rules. In line with perspectivist approaches to subjective annotation (Cabitza et al.,
2023), the goal of curation was to reconcile interpretations within a common theoretical

framework. As such, curation can be understood as a form of expert-guided alignment rather
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than unilateral decision-making. The resulting dataset reflects annotations that have been both
independently generated and systematically reviewed, reducing noise while preserving
meaningful variation across contexts.

In addition to within-language curation, we implemented a cross-lingual quality
assurance step to assess the consistency of annotations across languages. Following
Stefanovitch et al. (2023), we applied a holistic IAA approach to clusters of semantically
similar text spans. First, English translations of annotated spans were compared, and clusters
with at least 50% word overlap were identified. Second, clusters with differing value labels
were flagged for manual review. Third, language leads from the relevant groups jointly
evaluated these cases to assess the appropriateness of annotations within their linguistic and
cultural context (see Table 6 for an example). This procedure enabled the identification of
systematic discrepancies in value interpretation across languages and supported improved
cross-lingual alignment. While this step did not alter the number of annotations, it

strengthened the overall coherence and comparability of the dataset.



Table 6

Example of a Multilingual Cluster Annotated in Dutch, German, and Greek

Value Language Annotated text (English translation) Annotated text (Original)
Power-dominance Greek Recep Tayyip Erdogan’s proximity to : H eyyvmnta tov Epvtoydv pe tov [odtv givar pépog tov
Vladimir Putin is part of his game. TOLVIOL0L TOV
«H gyydmmra tov Petlén Tayin Epvroyav pe tov Bhavtipip
[Tovtv elvar pépog Tov TaLyvidlo TOV» GNUEIDOVEL G ApBpo
tov ot YoAAlik) LE MONDE o Marce Pierini, tpénv [péofing
Universalism-tolerance German Desire to bring together Russian leader auf ein Ende des Krieges erforscht. Die Tiirkei dufSerte zuletzt
Vladimir Putin and Ukrainian President erncut den Wunsch, den russischen Machthaber Wladimir
Volodymyr Zelenskyi Putin und den ukrainischen Prasidenten Wolodymyr Selenskyj
zusammenbringen zu wollen. Der Berater von Selenskyj und
zugleich ukrainischer Chefunterhidndler Mykh
Conformity-interpersonal Greek Ukraine’s leader Voldimir Zelensky and €pa eMinedn EKIPOCHTMV TV dV0 ywpaVv dgv onavifovv. Tov
British Prime Minister Boris Johnson OktoPpro tov 2020, o nyétng e Ovkpaviog BoOAvTupp
have signed a free trade agreement and Zeg)évok kol o Bpetavog mpmbunovpydg Maodpig TLoveov
strategic partnership between the VIEYPOYAY SLUP®VI EAEVOEPOL EUTOPIOV KO GTPUTNYIKY|
countries. ETAPIKN oY€on UeTasd TV yopdv. Ioapd Tic Tpoondbeieg
ATOKPLYNG TNG EMIGNUNG SLVAVINGNG, £YIVE EVPEWS YVOG
Conformity-interpersonal Greek U.S. Undersecretary of State Francis KokLTpimV, Bo amavInoove pe avaioya Prpato o€ ke
Fanon sends a message to Tiirkiye to de-  apvntkd Prjpa g EE». Mivopa oty Tovpkia va
escalate tensions ATOKAMUOKADOGEL TNV £VTOOT, EGTEILE Ao TNV Agvkmaia, 0
VELTOVPYOC eETEPIKMY TV Hvopuévav IloMteidv, Opdvoig
Ddavov. «Karovpe 6ha ta pépn va unv mpoPaivovv o
TPOKANTIKEC EVEPYELEC TTOV UTOPO
Power-dominance German In addition to Gabriel, former CDU Vize-Kanzler sei der Wunschkandidat der Autokonzerne und

politician Hildegard Miiller will be in the
race

der Zulieferer.

Neben Gabriel soll die frithere CDU-Politikerin Hildegard
Miiller im Rennen sein, wie die Frankfurter Allgemeine
Sonntagszeitung am Wochenende berichtete.
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Face German He finished his short lecture with the Kompromisse auf Kosten der Ukraine zeugten von einer
exclamation “Slawa Ukrajini”, “Glory of  politischen Naivitit. Seinen Kurzvortrag beendete er mit dem
Ukraine”, which was popularised by Ausruf ,,Slawa Ukrajini“, ,,Ruhm der Ukraine®, der vom
Ukrainian President Volodymyr ukrainischen Prisidenten Wolodymyr Selenskyj populér
Zelenskyi. gemacht wurde.
Ob Russland Atomwaftfen einsetzen werde, wollte Dengel
anschlieBend von
Tradition Dutch my uncle, Jef Tavernier, at the cradle of jn moeders kant draagt een sterke Vlaamse stempel. Langs

Agalev and my cousin, Maarten
Tavernier, was the first successor to the
Flemish Green list in West Flanders.

vaders kant stond mijn oom, Jef Tavernier, aan de wieg van
Agalev en mijn neef, Maarten Tavernier, was de voorbije
verkiezingen eerste opvolger op de Vlaamse lijst van Groen in
West-Vlaanderen.” Zelf voelde Tavernier zich al snel thuis bij
N-VA. Na haar studies maakte




The Value Annotations Dataset

This section describes the complete, curated dataset, released as Touché24-ValueEval
as part of the ValueEval’2417 competition (Kiesel et al., 2024). The dataset provides a large-
scale, multilingual resource for analyzing value expression in political text. It is presented in
tabular format, with each row corresponding to a sentence. Texts were automatically split
into sentences using Trankit (Nguyen et al., 2021; v1.1.1). When annotations span multiple
sentences, the corresponding value label was assigned to each sentence. The dataset
comprises 2,648 texts and 74,231 sentences across nine languages, with aligned English
translations 18 provided in the same format to facilitate cross-lingual analysis.

As shown in Figure 4, the distribution of texts and sentences is broadly comparable
across language groups, with French contributing the fewest annotations and English the
most. At the sentence level, most instances were annotated with either a single dominant
value or no value. Although multiple values may be expressed within a sentence, the
annotation protocol prioritized the identification of the dominant value to enhance
consistency, reduce ambiguity, and support downstream computational modelling. Curators
were instructed to assign multiple values only where distinctions were unclear, resulting in a
concise yet expressive representation of value content (see Figure 4; Supplementary Material,

Annex 4 & 5).

17 https://valueeval.webis.de
18 Using Google’s Translation Al API (https://cloud.google.com/translate) for Hebrew and the DeepL API
(https://www.deepl.com/en/pro-api) for all other languages (DeepL did not support Hebrew at that time).



https://valueeval.webis.de/
https://cloud.google.com/translate
https://www.deepl.com/en/pro-api

32

Figure 3

Number of Texts (left) and Sentences (right) per Language in the Dataset
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Language Language
Note. News articles = yellow, political manifestos = pink. N = 2,648 texts. N = 74,231 sentences. BG
= Bulgarian, DE = German, EL = Greek, EN = English, FR = French, HE = Hebrew, IT = Italian, NL

= Dutch, TR = Turkish.

Figure 4

Percentage of Sentences with the Number of Values Annotated
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Note. Share of refined value counts per sentence per language in the dataset. Left shows absolute
share, right shows percentage area between 0 and 2.5%. BG = Bulgarian, DE = German, EL = Greek,

EN = English, FR = French, HE = Hebrew, IT = Italian, NL = Dutch, TR = Turkish.
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Figure 5 presents the distribution of the 19 refined values across the dataset, showing
substantial variation both between and within higher order value domains. Security-societal
emerges as the most frequently annotated value, followed by achievement and conformity-
rules, whereas hedonism, humility, and tradition are least represented. This pattern reflects
the political focus of the corpus, which emphasizes societal and institutional concerns. At the
same time, the dataset captures fine-grained distinctions within value domains, enabling
analysis at both the basic and refined value levels.

Figure 5

Overall Count of Refined Value Annotations
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Figure 6 presents the distribution of basic value annotations across language groups.
While overall annotation frequencies vary between languages (e.g., higher in Hebrew than
French), there is also variation in the prevalence of specific values. For example, self-
direction values are more frequently annotated in Turkish than in Greek. Despite these
differences, a consistent pattern emerges across languages: security, power, universalism, and
conformity are the most frequently annotated basic values, whereas tradition and hedonism

are the least represented. This pattern suggests that political discourse across contexts is
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structured around core societal concerns, such as security, social order, and collective
welfare, rather than values associated with personal gratification or convention.
Figure 6

Frequency of Basic Value Annotations by Language Group
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Annotations also include an attainment label indicating whether values are expressed
as (partially) attained, (partially) constrained, or undecided. In Figure 7, undecided cases are
evenly split between attained and constrained (0.5 each).!® All basic values were annotated in
both attained and constrained forms, indicating that this distinction is meaningful and
analytically useful. Overall, values were more frequently annotated as attained than
constrained. This pattern is consistent with the conceptualization of values as desirable end-
states (Rokeach, 1973; Schwartz, 1992) and with the annotation guidelines that prioritized the
identification of attained values in the case of ambiguity. An exception is observed for

security, which was more frequently annotated as constrained, potentially reflecting the

19 Annex 4 in Supplemental Materials shows the exact numbers per value.
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prominence of threat framing in political discourse where values are invoked through
perceived risks and violations (e.g. Scheller 2019).
Figure 7

Level of Attainment for Basic Values
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Note. Each value falls into “(partially) attained”, “(partially) constrained” and “Don’t know”. The

latter category was assigned as 0.5 weight to both attainment levels.

Figure 8 provides a more detailed comparison by language, text type, refined value,
and attainment level. Across languages, value annotations are generally more frequent in
manifestos than in news articles, although this pattern varies by value type. In particular,
refined values in the self-transcendence dimension (from humility to universalism) are
substantially more prevalent in manifestos, suggesting systematic differences in how values

are expressed across political text genres. This suggests that political actors strategically
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emphasize values related to collective welfare and moral ideals in programmatic texts,
whereas news reporting may foreground a broader or more neutral range of value
expressions. Together, these patterns illustrate how value expression is shaped not only by

cultural context but also by the communicative function of political texts.
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Figure 8
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Note. BG = Bulgarian, DE = German, EL = Greek, EN = English, FR = French, HE = Hebrew, IT =

Italian, NL = Dutch, TR = Turkish.

Assessing External Validity. As a first step in assessing external validity, we
examine the co-occurrence of values in the annotated dataset and evaluate whether these
patterns align with the theoretical structure of the values circumplex (Schwartz, 1992; see
Table 7). Absolute co-occurrence frequencies were relatively low, as the annotation
guidelines prioritized assigning a single dominant value per sentence. We therefore report
conditional co-occurrence ratios indicating how much more likely two values are to co-occur
relative to their baseline frequency. For example, a value of 2.41 for hedonism-tradition
indicates that, conditional on hedonism being present, tradition is 2.41 times more likely to
co-occur than expected by chance. In contrast, a value of 0.21 for power-hedonism indicates
that these values co-occur substantially less frequently than expected based on their position

in the Schwartz (1992) circumplex. Annex 7 also presents word clouds for the most
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expressed words in each value span to provide some understanding of which words are seen

as representing values most topically.



Table 7

Conditional Probability Factor of Co-occurrence Between Values at the Sentence Level

Self-direction Stimulation Hedonism Achievement Power Face Security Tradition Conformity Humility Benevolence Universalism

Self-direction - 0.76 0.73 0.48 0.54 0.62 0.52 0.73 0.64 0.80 0.58
Stimulation 0.76 - 1.42 0.88 0.38 044 0.39 0.45 0.27 0.79 0.71
Hedonism 0.73 1.42 - 0.74 0.21 0.74 2.41 0.39 0.66 0.47
Achievement 0.48 0.88 0.74 - 0.47 0.74 0.32 0.57 0.26 0.87 0.52 0.43
Power 0.54 0.38 0.21 0.47 - 0.53 045 0.50 0.43 0.55 0.52
Face 0.62 0.44 0.74 0.53 - 0.37 0.60 0.65 0.51
Security 0.52 0.39 0.74 0.32 0.45 0.37 - 0.40 0.49 0.78 0.51 0.45
Tradition 0.73 0.45 241 0.57 0.50 0.40 - 0.33 1.18 0.81
Conformity 0.64 0.27 0.39 0.26 0.43 0.60 0.49 0.33 - 0.54 0.60
Humility 0.87 0.78 - 1.32

Benevolence 0.80 0.79 0.66 0.52 0.55 0.65 0.51 1.18 0.54 1.32 - 0.68
Universalism 0.58 0.71 0.47 0.43 0.52  0.51 0.45 0.81 0.60 0.68 -

Note. Values indicate how much more a value (column) occurs given another value (row), relative to its overall frequency. Cases with fewer than 10

sentences per value are excluded.



Overall, several co-occurrence patterns are consistent with the circumplex structure of
values, including higher conditional co-occurrence among adjacent or compatible values
(e.g., hedonism-stimulation, tradition-benevolence, humility-benevolence) and lower
conditional co-occurrence among opposing values (e.g., universalism-achievement,
conformity-stimulation, conformity-achievement). At the same time, some unexpected
associations emerge, notably, the elevated co-occurrence of tradition and hedonism appears
to reflect specific contextual patterns in the data, such as references to traditional festivities,
national celebrations, and culturally valued practices. These findings suggest that while value
co-occurrence broadly reflects theoretical expectations, contextual instantiations of values
can generate deviations from the idealized circumplex structure.

Next, we investigate patterns of value expression across political parties. Figure 10
presents the average value expression per sentence in political manifestos in 2020, grouped
by political ideology across all countries in the dataset. Overall, the observed patterns are
broadly consistent with theoretical expectations. Liberal parties score highest on self-
direction (action and thought) and achievement, while nationalist and radical right-wing
parties score highest on power (dominance and resources), face, conformity (rules and
interpersonal), humility and benevolence-caring. Social democrat and other left-wing parties
are characterized by higher levels of universalism (concern and tolerance), and security-
personal, whereas ecological parties emphasize universalism-nature, and, to a lesser extent,
hedonism. Conservative parties exhibit the strongest association with tradition.

These patterns are broadly in line with the higher-order value dimensions proposed by
Schwartz (1992), particularly the conflicts between self-transcendence and self-enhancement,
and openness to change and conservation. For example, left-leaning and ecological parties

appear to emphasize self-transcendence values to a greater extent, whereas right-leaning
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parties tend to express conservation and self-enhancement values more strongly. More
generally, parties with more clearly defined ideological positions appear to exhibit more
distinct value profiles, suggesting that value expression in manifestos may reflect the
articulation of ideological priorities. Taken together, these patterns provide tentative support
for the external validity of the dataset, indicating that aggregated value annotations
correspond in meaningful ways to established ideological distinctions across political

families.



Figure 9

Average Value Expression per Sentence in Political Manifestos
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Note. Per-sentence value expression in 2020 political manifestos from France, Germany, Greece,
Republic of Ireland, Italy, the Netherlands, and the United Kingdom), estimated using the winning

algorithm trained on this dataset (i.e., Legkas et al., 2024). Values are averaged across countries,
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parties within each political family (as classified by the Manifesto Project; Lehmann et al., 2025), and

sentences. Agrarian, special-issue parties, and ethnic/regional parties are excluded for clarity.
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Taken together, the value annotations dataset combines scale, theoretical grounding,
and multilingual coverage to provide a novel resource for the study of value expression in
political text. By linking values to contextualized text spans across diverse sources, it enables
systematic analysis of value dynamics in political communication. In addition to its
descriptive utility, the dataset serves as a benchmark for the development and evaluation of
computational models of value detection, supporting more transparent, theory-grounded, and
cross-lingually comparable analyses of normative content. These features provide a
foundation for future work on the measurement, interpretation, and modelling of values in
text, which we consider in the following section.

Discussion

We present a new annotated dataset of value expression in political text (news articles and
political manifestos), comprising 74,231 sentences across nine languages. Grounded in
Schwartz et al.’s (2012) refined values theory, the dataset provides a structured multilingual
resource for analyzing how values are expressed in political discourse. This responds to
evidence that citizens respond to political cues through motivated and identity-based
reasoning processes (Leeper & Slothuus, 2014; Van Bavel & Pereira, 2018), and that political
preferences are structured by underlying values (e.g., Barnea & Schwartz, 1998; Caprara et
al., 2006). By combining theory-driven annotation guidelines with iterative training,
calibration, and expert curation, this work contributes to efforts in computational social
science to operationalize values in naturally occurring text.

A key contribution is the development of a scalable annotation framework that
balances theoretical precision with practical feasibility. The use of refined values enables
fine-grained distinctions, while the addition of attainment labels captures whether values are
framed as attained or constrained. This extends prior work on value instantiations (Hanel et

al., 2018; Maio et al., 2009; Ponizovskiy et al., 2019) and aligns with evidence that value
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framing can shape attitudes and evaluations (Maio et al., 2009). At the same time, the
framework presented in this paper explicitly acknowledges the interpretive nature of value
annotation. Value expressions in text are often polysemous, and multiple values may
plausibly be inferred from a single span of text. To address this, annotators were trained to
prioritize the evaluative meaning most directly expressed in the text, while allowing multiple
value annotations where clearly present and using a dominant value to enhance consistency in
ambiguous cases.

Several methodological considerations follow. First, moderate inter-annotator
agreement reflects the inherent ambiguity and context-dependence of identifying value
expression, particularly across languages and political contexts. Disagreement should
therefore not be viewed solely as measurement error, but as indicative of interpretive
complexity.

Our annotation design follows established practice in large-scale NLP dataset
construction (e.g., Hovy et al., 2006; Pradhan et al., 2013), whereby expert annotators code
subsets of data and reliability is achieved through shared guidelines, training, and structured
overlap across coders rather than requiring many annotators per text. This approach is
exemplified by resources such as OntoNotes, which combine expert annotation, calibration,
and adjudication to ensure consistency at scale. In the value annotations dataset, most texts
were annotated by two experts, although a small proportion (12%) were annotated by a single
expert, which we acknowledge as a limitation. Disagreements were resolved through expert
curation, with curators systematically applying established guidelines and precedents from
ongoing calibration discussions to ensure consistency and theoretical alignment.

While this approach prioritizes cross-lingual comparability and coherence, it may also
introduce curator-driven bias by favoring consistent interpretations over annotator variability.

Accordingly, the resulting annotations should be understood as theory-guided, context-
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sensitive approximations rather than definitive classifications, consistent with prior work
showing that value interpretation can vary across cultural contexts (Schwartz & Sagiv, 1995).

Second, variation in annotation rates and value distributions across language groups
highlights the role of contextual and linguistic factors. Differences in media coverage,
discourse conventions, and annotator sensitivity may all influence the likelihood that values
are identified in text. Given that news media play a key role in shaping and mediating
political information (McCombs & Valenzuela, 2020; van der Meer et al., 2023), such
variation likely reflects both substantive differences in discourse and methodological
constraints.

Third, the corpus was intentionally designed to capture value expression in political
and policy-relevant text. Topic categories were selected to ensure comparability across
languages in domains where values are explicitly debated (e.g., immigration, economy,
environment, health). While this supports cross-linguistic consistency, it does not capture the
full range of value expression across all domains. Values expressed in areas such as the arts,
sport, or interpersonal relationships are therefore underrepresented, and variation in topic
distributions across languages reflects differences in media coverage and sampling
constraints rather than theoretical imbalance. The dataset should thus be interpreted as a
resource for analyzing value expression in political communication rather than as a
comprehensive representation of all value-relevant discourse.

A further consideration concerns the relationship between annotated values and
actors’ explicit claims. In politically contested domains, statements may be framed in terms
of particular values while also reflecting broader value structures that can be interpreted
differently within a theoretical framework. The present approach focuses on coding the
evaluative content expressed in text, rather than inferring underlying intentions. As such,

annotations represent structured, theory-informed interpretations of value expression, which
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may not always align with actors’ self-descriptions. This distinction is consistent with
broader concerns about variability and potential bias in expert judgement in complex
evaluative domains (Cabitza et al., 2023).

These considerations have implications for the use of the dataset. Value annotations
should be interpreted as probabilistic and context-dependent indicators rather than exhaustive
representations of meaning. To support robust application, we recommend several quality
checks, including examining value distributions and co-occurrence patterns for theoretical
plausibility, assessing consistency across languages and subsets, and comparing results with
alternative approaches (e.g., dictionary-based measures, see Ponizovskiy et al., 2020). The
quality checks reported in this paper yielded theoretically consistent patterns, and
supplemental analysis of annotators’ personal value priorities showed weak and unsystematic
associations with annotation outcomes (see Supplementary Materials, Annex 6). However,
researchers are encouraged to triangulate findings with complementary approaches (e.g.,
Stecker & Hopp, 2025), particularly in politically sensitive domains.

To further assess the validity and robustness of these annotations, the dataset also
enables several concrete validation tests. A key prediction is that value expression in text
should reproduce the circumplex structure of values, such that opposing values (e.g., self-
transcendence vs. self-enhancement; openness vs. conservation) exhibit negative
associations, while adjacent values show positive associations. Convergent validity can be
assessed by comparing aggregate value profiles derived from text with external benchmarks,
such as survey-based measures of value priorities (e.g., values from the European Social
Survey or World Values Survey) or macro-level indicators (e.g., Gross Domestic Product). In
addition, robustness can be evaluated by comparing expert annotations with lay judgments
and alternative approaches (e.g., dictionary-based methods, Large Language Models), as well

as by testing whether models trained on the dataset generalize to out-of-sample corpora.
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Together, these approaches provide testable pathways for assessing the structural validity,
convergence, and generalizability of annotated value expression.

Despite the considerations for use of the dataset, it offers a unique combination of
theoretical grounding, multilingual coverage, and contextual richness. It enables systematic
analysis of value expression in political text across countries and text types, including both
news and manifestos, which may differ in political expressiveness (Blokker et al., 2020). The
dataset also provides a benchmark resource for developing and evaluating computational
models of value detection, including recent advances in multilingual modelling (Kiesel et al.,
2024; Legkas et al., 2024), and can contribute to ongoing efforts to align Al systems with
societal values (Yao et al., 2023).

Future research can extend this work in several directions. Expanding the corpus to
additional domains would allow for a more comprehensive assessment of value expression
across contexts. Further work is also needed to examine cross-cultural differences in
annotation practices and to refine methods for capturing value co-occurrence and ambiguity.
Finally, integrating text-based measures with survey and behavioral data offers a promising
avenue for advancing the study of values and their role in shaping political and social

outcomes.
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Ingmar Leijen X
Dora Katsamori X
Berna Oney X
Ricarda Scholz-Kuhn X X
Emilia Zankina X
Sandrine Astor X
Petra Auer X
Livia Aulino X
Anat Bardi X
Fiorella Battaglia X
Constanze Beierlein X
Maya Benish-Weisman X
Christina Christodoulou X
Patricia R. Collins X
Irene Coppola X
Mafalda Damaso X
Meike Morren X
Einat Elizarov X
Naama Dvora Erlich X
Peculiar Ezeigwe-Ephraim X
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Ronald Fischer X
Maria Cristina Gaeta X
Lucilla Gatt X
Noam Gerera X
Sjoukje Goldman X
Frederic Gonthier X
Stefanie Habermann X
Mina Hristova X
Demet Islambay Yapali X
Luigi 1zzo X
Panos Kapetanakis X
Resit Kislioglu X
Chaya Koleva X
Roberta Koleva X
Joshua Lake X
Mael Mesplou X
Vanina Ninova X
Elif Sandal Onal X
Shani Oppenheim-Weller X
Duygu Ozturk X
loannis Elissaios Paparrigopoulos X
Vladimir Ponizovskiy X
Tim Reeskens X
Maria Francesca Romano X
Torven Schalk X
Alina Starovolsky-Shitrit X
Oscar Smallenbroek X
Omer Topuz X
Christin-Melanie Vauclair X
Giuseppe Di Vetta X
Sheng Ye X
Affiliations:

1 European Commission, Joint Research Centre (JRC), Brussels, Belgium

2 Arcadia SIT srl, Vigevano, Italy

3 European Commission, Joint Research Centre (JRC), Ispra, Italy

4 GESIS - Leibniz Institute for the Social Sciences, Kéln, Germany

5  Bremen International Graduate School of Social Sciences, Bremen, Germany

6  The Hebrew University Business School, Jerusalem, Israel

7  Tel Aviv University, Tel Aviv, Israel

8  Finnish Institute for Health and Welfare, Helsinki, Finland

9  Dublin City University, Dublin, Irland

10 New Bulgarian University, Sofia, Bulgaria

11 University of Basel, basel, Switzerland

12 National Centre for Scientific Research "Demokritos", Athens, Greece

13 Maastricht University, Maastricht, The Netherlands

14 University of Turin, Turin, Italy

15 The University of Western Australia, Perth, Australia

16 Vrije Universiteit Amsterdam, Amsterdam, The Netherlands

17 Middle East Technical University Northern Cyprus Campus, Glizelyurt, Northern Cyprus

18 Pacte research centre, School of Political Studies Univ. Grenoble Alpes, Grenoble, France

19  Abdullah Giil University, Kayseri, Turkey

20 Carl von Ossietzky Universitit Oldenburg, Oldenburg, Germany

21 University of Basel, Basel, Switzerland

22 Temple University, Philadelphia, USA



23
24
25
26
27
28

29
30

31
32
33
34
35

36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51

53

Free University of Bozen-Bolzano, Bolzano, Italy
Universita degli Studi Suor Orsola Benincasa, Naples, Italy
Royal Holloway University, London, UK

University of Salento, Lecce, Italy
Ludwig-Maximilians-Universitit, Miinchen, Germany

Hamm-Lippstadt University of Applied Sciences, Hamm-Lippstadt, Germany
The Hebrew University of Jerusalem, The Paul Baerwald School of Social Work and Social
Welfare, Jerusalem, Israel

Edith Cowan University,Joondalup, Australia

Research Centre in European Private Law (ReCEPL), Suor Orsola Benincasa University of
Naples, Naples, Italy

Erasmus University Rotterdam

University Amsterdam, Amsterdam, The Netherlands

The University of Haifa, Haifa, Israel

Ben-Gurion University Of The Negev, Beersheba, Israel
Iscte-IUL (Instituto Universitario de Lisboa), Centre for Social Research and Intervention, Lisbon,
Portugal

IDOR - D'Or Institute for Research and Education, Rio de Janeiro, Brazil
Amsterdam University of Applied Sciences, Amsterdam, The Netherlands
Bulgarian Academy of Sciences, Sofia, Bulgaria

Independent Researcher, Berlin, Germany

Baskent University, Ankara, Turkey

Central European University, Policy and Citizens' Observatory, Sofia, Bulgaria
Bielefeld University, Bielefeld, Germany

Jerusalem Multidisciplinary College, Jerusalem, Israel

Istanbul Medipol University, Istanbul, Turkey

Ruhr-Universitdt Bochum, Bochum, Germany

Durham University, Durham, England

Tilburg University, Tillburg, The Netherlands

Scuola Superiore Sant'Anna, Pisa, Italy

Te Herenga Waka - Victoria University of Wellington, Wellington, New Zealand
East China University of Science and Technology, Shanghai, China



54

References

Artstein, R., & Poesio, M. (2008). Survey article: Inter-coder agreement for computational
linguistics. Computational linguistics, 34(4), 555-596.

Atari, M., Haidt, J., Graham, J., Koleva, S., Stevens, S. T., & Dehghani, M. (2023). Morality
beyond the WEIRD: How the nomological network of morality varies across
cultures. Journal of personality and social psychology, 125(5), 1157.

Bardi, A., Calogero, R. M., & Mullen, B. (2008). A new archival approach to the study of
values and value-behavior relations: validation of the value lexicon. Journal of
Applied Psychology, 93(3), 483.

Barnea, M. F., & Schwartz, S. H. (1998). Values and voting. Political psychology, 19(1), 17-
40.

Bayerl, P. S., & Paul, K. I. (2011). What determines inter-coder agreement in manual
annotations? A meta-analytic investigation. Computational Linguistics, 37(4), 699-
725.

Beugelsdijk, S., & Welzel, C. (2018). Dimensions and Dynamics of National Culture:
Synthesizing Hofstede With Inglehart. Journal of Cross-Cultural Psychology, 49(10),
1469-1505. https://doi.org/10.1177/0022022118798505

Blokker, N., Dayanik, E., Lapesa, G., & Pado, S. (2020, November). Swimming with the
tide? positional claim detection across political text types. In Proceedings of the
Fourth Workshop on Natural Language Processing and Computational Social
Science (pp. 24-34).

Cabitza, F., Campagner, A., & Basile, V. (2023, June). Toward a perspectivist turn in ground
truthing for predictive computing. In Proceedings of the AAAI Conference on
Artificial Intelligence (Vol. 37, No. 6, pp. 6860-6868).

Caprara, G. V., Schwartz, S. H., Capanna, C., Vecchione, M., & Barbaranelli, C. (2006).



55

Personality and politics: Values, traits, and political choice. Political Psychology,
27(1), 1-28. https://doi.org/10.1111/1.1467-9221.2006.00447 .x

Caprara, G. V., Vecchione, M., Schwartz, S. H., Schoen, H., Bain, P. G., Silvester, J.,
Cieciuch, J., Pavlopoulos, V., Bianchi, G., Kirmanoglu, H., Baslevent, C., Mamali,
C., Manzi, J., Katayama, M., Posnova, T., Tabernero, C., Torres, C., Verkasalo, M.,
Lonngvist, J. E., ... Caprara, M. G. (2017). Basic Values, Ideological Self-Placement,
and Voting: A Cross-Cultural Study. Cross-Cultural Research, 51(4), 388—411.
https://doi.org/10.1177/1069397117712194

Caspers, S., Heim, S., Lucas, M. G., Stephan, E., Fischer, L., Amunts, K., & Zilles, K.
(2011). Moral Concepts Set Decision Strategies to Abstract Values. PLoS ONE, 6(4).
https://doi.org/10.1371/journal.pone.0018451

Cieciuch, J., Davidov, E., Vecchione, M., Beierlein, C., & Schwartz, S. H. (2014). The cross-
national invariance properties of a new scale to measure 19 basic human values: A
test across eight countries. Journal of Cross-Cultural Psychology, 45(5), 764-776.

Devlin, J., Chang, M. W, Lee, K., & Toutanova, K. (2019, June). Bert: Pre-training of deep
bidirectional transformers for language understanding. In Proceedings of the 2019
conference of the North American chapter of the association for computational
linguistics: human language technologies, volume 1 (long and short papers) (pp.
4171-4186).

Dillion, D., Mondal, D., Tandon, N., & Gray, K. (2025). Al language model rivals expert
ethicist in perceived moral expertise. Scientific Reports, 15(1), 4084.

Downs, A. (1957). An economic theory of political action in a democracy. Journal of
political economy, 65(2), 135-150.

Feinberg, M., & Willer, R. (2015). From gulf to bridge: When do moral arguments facilitate

political influence?. Personality and Social Psychology Bulletin, 41(12), 1665-1681.



56

Feldman, S. (2003). Values, Ideology, and the Structure of Political Ideology. In D. O. Sears,
L. Huddy, & R. Jervis (Eds.), Oxford Handbook of Political Psychology (pp. 477—
508). Oxford University Press.

Frimer, J. A. (2020). Do liberals and conservatives use different moral languages? Two
replications and six extensions of Graham, Haidt, and Nosek’s (2009) moral text
analysis. Journal of Research in Personality, 84, 103906.
https://doi.org/10.1016/j.jrp.2019.103906

Graham, J., Haidt, J., Koleva, S., Motyl, M., Iyer, R., Wojcik, S. P., & Ditto, P. H. (2013).
Moral foundations theory: The pragmatic validity of moral pluralism. Advances in
Experimental Social Psychology, 47, 55-130.

Grigoryan, L., Ponizovskiy, V., & Schwartz, S. H. (2023). Motivations for violent
extremism : Evidence from lone offenders * manifestos. Journal of Social Issues, 79,
1440-1455. https://doi.org/10.1111/j0s1.12593

Grimmer, J., & Stewart, B. M. (2013). Text as data: The promise and pitfalls of automatic
content analysis methods for political texts. Political analysis, 21(3), 267-297.

Hanel, P. H. P., Litzellachner, L. F., & Maio, G. R. (2018). An empirical comparison of
human value models. Frontiers in Psychology, 9(SEP), 1-14.
https://doi.org/10.3389/fpsyg.2018.01643

Hanel, P. H. P., Maio, G. R., Soares, A. K. S., Vione, K. C., Coelho, G. L. d. H., Gouveia, V.
V., Patil, A. C., Kamble, S. V., & Manstead, A. S. R. (2018). Cross-Cultural
Differences and Similarities in Human Value Instantiation. Frontiers in Psychology,
9I(MAY), 1-13. https://doi.org/10.3389/fpsyg.2018.00849

Hopp, F. R., Fisher, J. T., Cornell, D., Huskey, R., & Weber, R. (2021). The Extended Moral
Foundations Dictionary ( eMFD ): Development and Applications of a Crowd-

Sourced Approach to Extracting Moral Intuitions from Text. Behavior Research



57

Methods, 53, 232-246.

Hovy, E., Marcus, M., Palmer, M., Ramshaw, L., & Weischedel, R. (2006, June). Ontonotes:
the 90% solution. In Proceedings of the human language technology conference of the
NAACL, Companion Volume: Short Papers (pp. 57-60).

Inglehart, R. (1990). Culture shift in advanced industrial society. Princeton University Press.

Inglehart, R. (1997). Modernization and postmodernization: Cultural, economic, and
political change in 43 societies. Princeton university press.

Iurino, K., & Saucier, G. (2020). Testing measurement invariance of the Moral Foundations
Questionnaire across 27 countries. Assessment, 27(2), 365-372.

Jost, J. T. (2017). Ideological Asymmetries and the Essence of Political Psychology. Political
Psychology, 38(2), 167-208. https://doi.org/10.1111/pops.12407

Kiesel, J., Alshomary, M., Handke, N., Cai, X., Wachsmuth, H., & Stein, B. (2022).
Identifying the Human Values behind Arguments. Proceedings of the Annual Meeting
of the Association for Computational Linguistics, 1, 4459—4471.
https://doi.org/10.18653/v1/2022.acl-long.306

Kiesel, J., Alshomary, M., Mirzakhmedova, N., Heinrich, M., Handke, N., Wachsmuth, H., &
Stein, B. (2023). SemEval-2023 Task 4: ValueEval: Identification of Human Values
Behind Arguments. 17th International Workshop on Semantic Evaluation, SemEval
2023 - Proceedings of the Workshop, 2287-2303.
https://doi.org/10.18653/v1/2023.semeval-1.313

Kiesel, J., Coltekin, C., Heinrich, M., Frobe, M., Alshomary, M., De Longueville, B.,
Erjavec, T., Handke, N., Kopp, M., Ljubesi¢, N., Meden, K., Mirzakhmedova, N.,
Morkevicius, V., Reitis-Miinstermann, T., Schartbillig, M., Stefanovitch, N.,
Wachsmuth, H., Potthast, M., & Stein, B. (2024). Overview of Touch¢ 2024

Argumentation Systems. CLEF 2024 - Experimental IR Meets Multilinguality,


https://downloads.webis.de/publications/papers/kiesel_2024d.pdf
https://downloads.webis.de/publications/papers/kiesel_2024d.pdf

58

Multimodality, and Interaction. Proceedings of the 15th International Conference of
the CLEF Association.

Klie, J. C., Bugert, M., Boullosa, B., De Castilho, R. E., & Gurevych, 1. (2018, August). The
inception platform: Machine-assisted and knowledge-oriented interactive annotation.
In Proceedings of the 27th international conference on computational linguistics:
system demonstrations (pp. 5-9).

Kraft, P. W., & Klemmensen, R. (2024). Lexical ambiguity in political rhetoric: Why
morality doesn't fit in a bag of words. British Journal of Political Science, 54(1), 201-
219.

Krippendorff, K. (2018). Content analysis: An introduction to its methodology (4th ed.).
Sage.

Leeper, T. J., & Slothuus, R. (2014). Political parties, motivated reasoning, and public
opinion formation. Political Psychology, 35, 129-156.
https://doi.org/10.1111/pops.12164

Legkas, S., Christodoulou, C., Zidianakis, M., Koutrintzes, D., Dagioglou, M., & Petasis, G.
(2024). Hierocles of Alexandria at Touché: Multi-task & Multi-head Custom
Architecture with Transformer-based Models for Human Value Detection. In CLEF
(Working Notes) (pp. 3419-3432).

Lehmann, P., Franzmann, S., Al-Gaddooa, D., Burst, T., Ivanusch C., Regel, S., Riethmiiller,
F., Volkens, A.,WeBels, B., & Zehnter, L. (2025): The Manifesto Data Collection.
Manifesto Project (MRG / CMP / MARPOR). Version 2025a. Berlin:
Wissenschaftszentrum Berlin fiir Sozialforschung (WZB) / Gottingen: Institut fiir
Demokratieforschung (IfDem). https://doi.org/10.25522/manifesto.mpds.2025a

Lipset, S. M., & Rokkan, S. (1967). Cleavage structures, party systems, and voter

alignments.: An introduction (Vol. 2). New York: Free Press.



59

Macdonald, D. (2023). Core Values and Priming Effects in Electoral Campaigns. Political
Psychology, 44(3), 515-530.

Maio, G.R. (2010) Mental representations of social values. Advances in Experimental Social
Psychology, 42, 1-43. https://doi.org/10.1016/S0065-2601(10)42001-8

Maio, G. R., Hahn, U, Frost, J. M., & Cheung, W. Y. (2009). Applying the Value of Equality
Unequally: Effects of Value Instantiations That Vary in Typicality. Journal of
Personality and Social Psychology, 97(4), 598—614. https://doi.org/10.1037/a0016683

Maio, G. R., Hahn, U., Frost, J. M., Kuppens, T., Rehman, N., & Kamble, S. (2014). Social
values as arguments: Similar is convincing. Frontiers in Psychology, 5(AUG), 1-11.
https://doi.org/10.3389/fpsyg.2014.00829

McCombs, M., & Valenzuela, S. (2020). Setting the agenda: Mass media and public opinion.
John Wiley & Sons.

Milkova, M., Rudnev, M., & Okolskaya, L. (2023). Detecting value-expressive text posts in
Russian social media. arXiv. https://doi.org/10.48550/arXiv.2312.08968

Nelson, T. E. (2024). Political persuasion: the use of values in communication. Oxford
University Press.

Nguyen, M., Lai, V. D., Veyseh, A. P. B., & Nguyen, T. H. (2021). Trankit: A light-weight
transformer-based toolkit for multilingual natural language processing. arXiv preprint
arXiv:2101.03289.

Passini, S. (2017). Freedom, democracy, and values: Perception of freedom of choice and
readiness to protest. Culture & Psychology, 23(4), 534-550.

Piskorski, J., Stefanovitch, N., Da San Martino, G., & Nakov, P. (2023). Semeval-2023 task
3: Detecting the category, the framing, and the persuasion techniques in online news
in a multi-lingual setup. In Proceedings of the 17th International Workshop on

Semantic Evaluation (SemEval-2023) (pp. 2343-2361).



60

Ponizovskiy, V. (2022). On Sanders, Trump, and rhinoceroses: Quantifying subjective
construals helps predict political attitudes. British Journal of Social Psychology,
61(3), 842-860. https://doi.org/10.1111/bjso.12516

Ponizovskiy, V., Ardag, M., Grigoryan, L., Boyd, R., Dobewall, H., & Holtz, P. (2020).
Development and Validation of the Personal Values Dictionary: A Theory-Driven
Tool for Investigating References to Basic Human Values in Text. European Journal
of Personality. https://doi.org/10.1002/per.2294

Pradhan, S., Moschitti, A., Xue, N., Ng, H. T., Bjorkelund, A., Uryupina, O., ... & Zhong, Z.
(2013, August). Towards robust linguistic analysis using ontonotes. In Proceedings of
the seventeenth conference on computational natural language learning (pp. 143-
152).

Reitis-Miinstermann, T., Schulze Brock, P., Schartbillig, M., Stefanovitch, N. & De
Longueville, B. (2024). Values in News and Political Manifestos: Annotation
Guidelines, Publications Office of the European Union, Luxembourg, 2024,
doi:10.2760/7398, JRC137286.

Rokeach, M. (1973). The nature of human values. The Free Press.

Sagiv, L., & Schwartz, S. H. (2022). Personal values across cultures. Annual review of
psychology, 73, 517-546.

Sartori, G. (1976). Parties and party systems: Volume 1: a framework for analysis.
cambridge university Press.

Schartbillig, M.. Wolf, L., Stauf, J., Schuch., Schubert, M., Inchingolo, M., Vardaxoglou, L.
(2025). Broad tests of effectiveness of value-based communication strategies —
evidence from a multi country study in Europe, mimeo.

Schartbillig, M., Lewandowsky, S., Altay, S., van Alstyne, M., Kozyreva, A. et al., Fractured

reality - How democracy can win the global struggle over the information space,



61

Publications Office of the European Union, Luxembourg, 2026,
https://data.europa.eu/doi/10.2760/9358883, JRC144603.

Scheller, Simon. "The strategic use of fear appeals in political communication." Political
Communication 36.4 (2019): 586-608.

Schumpeter, J. (1976). Capitalism, Socialism and Democracy (5th ed.). London: Allen and
Unwin.

Schwartz, S. H. (1992). Universals in the content and structure of values: Theoretical
advances and empirical tests in 20 countries. Advances in Experimental Social
Psychology, 25(C), 1-65. https://doi.org/10.1016/S0065-2601(08)60281-6

Schwartz, S. H., Caprara, G. V., & Vecchione, M. (2010). Basic Personal Values, Core
Political Values, and Voting: A Longitudinal Analysis. Political Psychology, 31(3),
421-452. https://doi.org/10.1111/1.1467-9221.2010.00764.x

Schwartz, S. H., Cieciuch, J., Vecchione, M., Davidov, E., Fischer, R., Beierlein, C., Ramos,
A., Verkasalo, M., Lonnqvist, J. E., Demirutku, K., Dirilen-Gumus, O., & Konty, M.
(2012). Refining the Theory of Basic Individual Values. Journal of Personality and

Social Psychology, 103(4), 663—688. https://doi.org/10.1037/a0029393

Schwartz, S. H., & Sagiv, L. (1995). Identifying culture-specifics in the content and structure
of values. Journal of Cross-Cultural Psychology, 26(1), 92—116.

Stefanovitch, N., Scharfbillig, M., & de Longueville, B. (2023). TeamEC at SemEval-2023
Task 4: Transformers VS. Low-Resource Dictionaries, Expert Dictionary VS.
Learned Dictionary. [ 7th International Workshop on Semantic Evaluation, SemEval
2023 - Proceedings of the Workshop, 2107-2111.
https://doi.org/10.18653/v1/2023.semeval-1.290

Suedfeld, P., & Brcic, J. (2011). Scoring universal values in the study of terrorist groups and

leaders. Dynamics of Asymmetric Conflict, 4(2), 166—174.



62

Suedfeld, P., Cross, R. W., & Brcic, J. (2011). Two Years of Ups and Downs: Barack
Obama’s Patterns of Integrative Complexity, Motive Imagery, and Values. Political
Psychology, 32(6), 1007—1033. https://doi.org/10.1111/j.1467-9221.2011.00850.x

Suedfeld, P., Legkaia, K., & Brcic, J. (2010). Changes in the Hierarchy of Value References
Associated With Flying in Space. Journal of Personality, 78(5), 1411-1436.
https://doi.org/10.1111/j.1467-6494.2010.00656.x

Talat, Z., & Hovy, D. (2016, June). Hateful symbols or hateful people? predictive features for
hate speech detection on twitter. In Proceedings of the NAACL student research
workshop (pp. 88-93).

Thorisdottir, H., Jost, J. T., Liviatan, 1., & Shrout, P. E. (2007). Psychological needs and
values underlying left-right political orientation: Cross-national evidence from
Eastern and Western Europe. Public Opinion Quarterly, 71(2), 175-203.
https://doi.org/10.1093/poq/nfm008

Van Bavel, J. J., & Pereira, A. (2018). The Partisan Brain: An Identity-Based Model of
Political Belief. Trends in Cognitive Sciences, 22(3), 213-224.
https://doi.org/10.1016/j.tics.2018.01.004

Van Bavel, J. J., Robertson, C. E., Del Rosario, K., Rasmussen, J., & Rathje, S. (2024).
Social media and morality. Annual review of psychology, 75(1), 311-340.

van der Meer, M., Jonker, C. M., Vossen, P., & Murukannaiah, P. K. (2023). Do Differences
in Values Influence Disagreements in Online Discussions? EMNLP 2023 - 2023
Conference on Empirical Methods in Natural Language Processing, Proceedings,
15986—-16008. https://doi.org/10.18653/v1/2023.emnlp-main.992

van Herk, H., Schoonees, P. C., Groenen, P. J. F., & van Rosmalen, J. (2018). Competing for
the same value segments? Insight into the volatile Dutch political landscape. PLOS

ONE, 13(1), e0190598.



63

Vecchione, M., Schwartz, S. H., Caprara, G. V., Schoen, H., Cieciuch, J., Silvester, J., ... &
Alessandri, G. (2015). Personal values and political activism: A cross-national
study. British journal of psychology, 106(1), 84-106.

Vida, K., Simon, J., & Lauscher, A. (2023). Values, Ethics, Morals? On the Use of Moral
Concepts in NLP Research. Findings of the Association for Computational
Linguistics: EMNLP 2023, 5534-5554. https://doi.org/10.18653/v1/2023.findings-
emnlp.368

Westwood, S. J., Iyengar, S., Walgrave, S., Leonisio, R., Miller, L., & Strijbis, O. (2018).
The tie that divides: Cross-national evidence of the primacy of partyism. European
Journal of Political Research, 57(2), 333-354. https://doi.org/10.1111/1475-
6765.12228

Woltin, K. A., & Bardi, A. (2018). Fitting motivational content and process: A systematic
investigation of fit between value framing and self-regulation. Journal of
personality, 86(6), 973-989.

Yao, J., Yi, X., Wang, X., Wang, J., & Xie, X. (2023). From Instructions to Intrinsic Human
Values -- A Survey of Alignment Goals for Big Models.
http://arxiv.org/abs/2308.12014

Zangari, L., Greco, C. M., Picca, D., & Tagarelli, A. (2025). A survey on moral foundation
theory and pre-trained language models: Current advances and challenges. 47 &

SOCIETY, 40(6), 4973-4998.



Supplementary Materials

64



65

Annex 1: Flash Cards

1A: Flash Cards Overview Screen

s eceuropa.eu/annotations g L B =

Knowledge for policy

Text Mining and Analytics Toolbox (TMA Box)

Home | About | Inception | Annotations

Annotation Score: 32 Mario Scharfbillig (EN)

Campaign(s) in which you participate: ValuesML 2023

Beginner [EN] | 0 to review today || Continue
Intermediary 1 [FR] | 0 to review today || Continue
Intermediary 1 [EN] | 0 to review today || Continue
Intermediary 1(IT] | 0 to review today || Continue
Intermediary 2 [EN] | 0 to review today || Continue
Intermediary 2 [IT] | 0 to review today | | Continue

Expert [EN] 0 to review today Continue
Expert [IT] l 0 to review today ‘ Continue

Strategy Ald, Development cooperation, Fundamental rights

About the European Commission Food, Farming, Fisheries

1B: Flash Cards Example Case Non-selected

Text Mining and Analytics Toolbox (TMA Box)

Home | About | Inception | Annotations

e annotate the yellow-marked span in the follow

q sentence
“ We must do this. It is our responsibility as Global Citizens.”

Choose the correct combination of Schwartz value and its attainment level

"SELF-DIRECTION-ACTION"N"UNIVERSALISM-CONCERN"X"SECURITY-SOCIETAL"X"FACE"X"CONFORMITY - INTERPERSONAL"



66

1C: Flash Cards Case Selected

Text Mining and Analytics Toolbox (TMA Box)

Home | About | Inception | Annotations

Please annotate the yellow-marked span in the following sentence

“We must do this. It is our responsibility as Global Citizens.”

(NS ETARE R ee) e a) was selected instead of preferred

Next evaluation



Annex 2: Example of the Spreadsheet used for the Manual Selection of Articles with Instructions

D | * | pubdate  * lang | ¥ country ¥ lwordc ¥ BU | * title | > | text _~ Selection  *  Cleaning |~ | Topic Specify of,
zerohedge-55d 2022-05-10T en BG 800 ECOMMM is Hispanic Voters Are Losing  (emphasis ours), The support of Hispanic voters
Faith In The Democratic at the midterms later this year could prove to be
Party: Poll “extremely instrumental” in turning the tide of

liberal policies of the current administration, a
conservative Hispanic group says. US. President

Y e P et
Select if the article should e ;
be kept or removed n the N&hﬂion Cleaning Topic Specity other
data set for annotations 2 keep done Climate change
N . remove not requir Economy Indus
i Select if cleaning |V Education / Rol
o steps have been (Renewable) En
done or are not Health
required Select A topic from Immigration/re
. . National defenc
the list or specify [~ Role of EU
if not included [0 OT Y




Values

values

Values

Values

Values

>>He must learn not to have the
same bad experiences
repeatedly.<<

While effective COVID-19 vaccines
were developed rapidly, all steps
have been taken to ensure their
safety and effectiveness

We support our allies the best we
can

In totalitarian states like this,
censorship, and restrictions on
freedom of expression

dominate the press landscape.
Trendsetters are people required
for social change —they are the
ones who can overcome
normative pressure more easily,
and the ones who take on the

largest risks.

French

English

English

English

English

Annex 3: Examples of difficult cases

Stimulation

Achievement

Benevolence—

dependability

Self-direction—action

Self-direction—action

(partially) attained

(partially) attained

(partially) attained

(partially)

constrained

(partially) attained

Stimulation # partially attained is

not expressed here.

security is also attained
benevolence caring is also
attained

could also fit self direction
thought (constrained). Not sure
if it is a mistake to code it either

way.

risk taking is also related to

stimulation
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Hedonism constrained also possible, as the
person does not have fun

Missing context, if person got hurt (Security
constrained)

if bored: Stimulation as it is about a new

experience 26/06/2023
Achievement; as developed rapidly and safe

vaccine

second value: Security 26/06/2023
Main value: Benevolence Dependability

Also present B. Caring 26/06/2023
Both values fit, main value SD Action as it is

freedom of expression not of thought 26/06/2023
Both values are present 26/06/2023



Values

Values

Values

Values

Flashcards: In totalitarian states

like this, censorship, and

restrictions on freedom of

expression dominate the press

landscape. Greek
Flashcards: At an early age, the

children began to provide for their

old age Greek Power—resources

Flashcards: If | continue to go out
so often on weekends, | will not

pass this semester Greek Hedonism

Flashcards: But right now, it’s the
threat to food supplies posed by
Vladimir Putin’s Black Sea
blockade, and resulting shortages,
price inflation and instability, that

is the big new factor Greek Security—societal

Self-direction—action

Why not SELF-DIRECTION
THOUGHT? (censorship, freedom
of thought/expression etc.)

Why not also SELF-DIRECTION
ACTION (e.g. being independent,
choosing for oneself, etc)?

| continue to go out so often on
weekends -> Hedonism. But in
conjunction with the rest of the
sentence why not ACHIEVEMENT

(negative)?

Why not also POWER-
RESOURCES? Power-resources ->
control/dominance over people,
resources, economic warfare,

etc.?

Both values fit, main value SD Action as it is

freedom of expression not of thought

They provide for themselves more present

than being independent.

first part of sentence hedonism, second part
achievement constrained

The main message of the sentences is the
threat of instability, shortages and inflation.
That is a threat to security for all.

The reader is also powerless (so Power
constrained) is possible but Security as the
immediate consequence

During curation, you can keep both values

69

26/06/2023

26/06/2023

26/06/2023

03/07/2023




Annex 4: Number of Annotations by Language and Refined Value

Annotation Bulgarian  German Greek English French Hebrew Italian Dutch Turkish Total
Achievement 556 723 411 455 95 552 838 445 730 4805
Benevolence-caring 346 160 181 70 54 106 119 52 580 1668
Benevolence-dependability 143 147 239 73 35 269 28 193 302 1429
Conformity-interpersonal 53 139 354 165 48 71 16 59 87 992
Conformity-rules 629 665 445 382 145 614 454 367 993 4694
Face 151 192 130 62 100 202 173 117 197 1324
Hedonism 31 104 25 48 28 27 52 33 265 613
Humility 18 21 7 38 6 10 22 54 500
Power-dominance 366 292 559 171 121 779 324 329 311 3418
Power-resources 372 354 674 170 77 611 490 415 609 3363
Security-personal 82 240 83 150 110 195 81 107 519 1911
Security-societal 763 540 970 559 325 1059 425 798 947 6056
Self-direction-action 375 503 102 263 117 269 95 321 557 2567
Self-direction-thought 66 166 24 44 26 170 60 163 177 1265
Stimulation 324 314 221 60 81 150 429 49 320 1547
Tradition 138 91 49 87 32 196 28 52 336 1251
Universalism-concern 522 466 413 336 185 548 270 477 476 3667
Universalism-nature 191 239 189 125 98 160 244 219 196 1465
Universalism-tolerance 37 136 115 88 46 105 48 100 86 713

Total 5163 5492 5191 3346 1729 6093 4174 4318 7742 43248




Annex 5: Value Attainment

Value Percentage of cases
Attained Undecided Constrained
Self-direction 77.0 5.8 17.2
Self-direction-thought 77.5 7.6 14.9
Self-direction-action 76.7 5.2 18.1
Stimulation 82.3 7.1 10.5
Hedonism 70.7 3.6 25.7
Achievement 67.7 5.3 26.9
Power 60.7 11.9 28.1
Power-dominance 69.9 13.1 17.0
Power-resources 57.0 11.8 31.2
Face 47.1 8.0 44.9
Security 37.8 6.1 56.2
Security-personal 30.2 59 63.8
Security-societal 39.4 6.2 54.4
Tradition 79.1 6.7 14.2
Conformity 53.8 9.4 37.1
Conformity-rules 55.6 10.5 33.9
Conformity-interpersonal 41.4 53 533
Humility 73.5 2.2 243
Benevolence 80.1 53 14.7
Benevolence-caring 83.7 59 10.3
Benevolence-dependability 75.9 4.5 19.6
Universalism 62.3 5.3 32.7
Universalism-concern 63.8 49 31.3
Universalism-nature 65.7 6.0 28.3
Universalism-tolerance 47.9 53 46.8

Note. Percentage “attainment” level per fine grained value (10). Each value falls into

“(partially) attained”, “(partially) constrained” and “Don’t know”.
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Annex 6: An Assessment of Annotator Bias
Because annotation tasks inevitably involve human judgment, best practice recommends
explicitly auditing whether annotator characteristics systematically covary with annotation
outcomes. Following this approach, we examine the association between annotators’ personal
value priorities and the relative frequency of values annotated as a robustness check on the
ValuesML annotation dataset. The aim of this supplemental analysis is to assess the
independence of annotation decisions from annotators’ own value priorities under the

constraints of a shared annotation guidelines and training procedures.

From a robustness perspective, the absence of systematic associations between annotators’
personal value priorities and annotation frequencies would indicate that value detection and
interpretation is primarily driven by textual content and common annotation guidelines,
consistent with the goal of producing an agnostic dataset. Conversely, the presence of
systematic covariation would flag a potential source of annotator-related variance that may
warrant further scrutiny or statistical control, without implying intentional projection or
idiosyncratic bias at the individual level. This robustness check is designed to address

concerns raised in annotation-based research.

First, personal values were measured independently of the annotation task and prior to
analysis, reducing risks of circularity or post-hoc rationalization. Second, annotators operated
within language-specific teams using a shared codebook, training materials, and adjudication
procedures, placing some constraints on individual discretion. Third, analyses focus on
relative frequencies of annotated values, minimizing confounding due to variation in
annotation volume across annotators or language groups. Together, these design features
align the analysis with established practices for assessing annotator-related variance in human

annotated datasets.



73

To conduct this robustness check, we draw on survey data collected from annotators
participating in the ValuesML project. In total, 84 annotators were recruited by the Joint
Research Centre (JRC) via an open call requiring demonstrated expertise in values research
and fluency in at least one of nine target languages (Bulgarian, Dutch, English, French,
German, Greek, Hebrew, Turkish, and Italian). Annotators were assigned to language-
specific teams and completed annotations on texts in the focal language. Of the 84 annotators
recruited, 66 completed the annotation task. Full details of the number of annotators, texts,

and annotations per language group are reported in Table A.

At the commencement of the ValuesML project, annotators were invited by the JRC to
complete a brief online survey assessing their personal values and political attitudes. Ethics
approval for this survey was granted by the [redacted for review]. In total, 59 annotators

completed the survey (71% female).

Method

Measures

Personal Values. Annotators’ personal values were measured using the Portrait Values
Questionnaire-Revised (PVQ-RR; Schwartz et al., 2012). The PVQ-RR comprises 57 items,
with 3 items assessing each of the 19 refined values. Each item consists of a single sentence
‘portrait’ describing a gender-matched individual in terms of their goals or aspirations.
Respondents indicate how similar they are to the person described using a 6-point scale (/ =
not like me at all, 6 = very much like me). Example benevolence items include, “It is
important to him/her/them to take care of people he/she/they are close to” and “It is important
to him/her/them to be a dependable and trustworthy friend”. Scores for the 19 refined values

and 10 basic values were computed following Schwartz’s (2016) procedure. Specifically,
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responses were averaged across items for each value and then mean-centred within

respondents to control for individual differences in scale use and response tendencies.

Annotations. All texts, text spans, and value labels produced by annotators were extracted
from INCEpTION in tab separated format. The annotation dataset included an anonymized
annotator identifiers, language group, text identifiers, the value(s) assigned to each text span,
and whether the value was annotated as attained, constrained, or uncertain. For analysis, the
number of times each value was annotated was aggregated to produce per-annotator counts
for each value. To account for differences in overall annotation volume, counts for each value
were converted into relative frequencies by dividing the total number of annotations produced
by each annotator. For those annotators who completed the personal values survey (n = 59), a

total of 71,899 annotations were produced (M = 1,219, SD = 859).

Analytic Approach

To assess whether annotators’ personal value priorities covaried with the relative frequency
of values annotated in text, Spearman’s rank-order correlations were computed between
annotators’ value scores and their relative annotation frequencies for each refined value. This
non-parametric approach was selected to accommodate skewed distributions and to align

with the robustness-check framing of the analysis.
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Table A

Means and Standard Deviations for Annotators’ personal Values and value annotations

Annotator Value
values annotations
Basic Std. Std.
Values Mean  Deviation basic Mean Deviation
SD10 5.42 0.50 prSD10 0.09 0.05
ST10 4.06 0.98 prST10 0.04 0.05
HE10 4.10 1.03 prHE10 0.01 0.01
ACI10 4.34 0.93 prAC10 0.10 0.05
PO10 2.25 0.86 prPO10 0.16 0.07
SE10 4.16 1.02 prSE10 0.21  0.07
TR10 2.25 1.13 prTR10 0.02 0.02
Ccol10 3.66 1.13 prCO10 0.12 0.04
BE10 5.16 0.64 prBE10 0.07 0.04
UNI10 5.06 0.60 prUN10 0.14  0.06
Results

Consistent with the robustness-check framing outlined in the introduction, associations
between annotators’ personal value priorities and the relative frequency with which values
were annotated were generally weak, sparse, and unsystematic (see Table B). Across
analyses, we did not observe the broad pattern of value-congruent associations that would be
expected if annotators systematically projected their own value priorities onto the texts they

annotated.

All annotations (attained, constrained, and uncertain)

When considering all annotations combined, only a small number of significant associations
emerged. Power values were positively associated with the relative frequency of stimulation
value annotations, while stimulation values were negatively associated with the relative
frequency of power value annotations. Benevolence values were negatively associated with

the relative frequency of self-direction annotations. Security and tradition values were
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negatively associated with the relative frequency of tradition annotations. Importantly, these
associations did not form a consistent value-congruence pattern and included both positive

and negative relations.

Attained annotations only

Analyses restricted to values annotated as attained revealed a similarly limited and mixed
pattern. Power values were positively associated with the relative frequency of stimulation
annotations, and tradition values were positively associated with the relative frequency of
conformity annotations. In contrast, benevolence values were negatively associated with self-
direction annotations, security values were negatively associated with hedonism annotations,
and achievement values were negatively associated with security annotations. Additionally,
security, conformity, and tradition values were all negatively associated with the relative
frequency of tradition annotations. As with the full annotation set, these effects did not

systematically align with annotators’ own value priorities.

Constrained annotations only

For values annotated as constrained, few associations were observed. Achievement values
were positively associated with the relative frequency of stimulation annotations, and
hedonism values were positively associated with the relative frequency of hedonism
annotations. However, benevolence, security, and conformity values were negatively
associated with the relative frequency of self-direction annotations, and security values were
negatively associated with tradition annotations. Again, this pattern does not indicate

consistent value-congruent detection.

Taken together, the results provide little evidence that annotators’ personal value hierarchies
systematically influenced which values they identified in text. Rather than showing pervasive

value-congruent annotation tendencies, observed associations were infrequent, directionally
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mixed, and often negative. This pattern is consistent with the expectation, outlined in the
introduction, that annotation decisions were primarily constrained by textual content and
shared annotation guidelines rather than annotators’ own value priorities. Overall, the
absence of consistent, value-congruent associations between annotators’ personal value
priorities and annotation frequencies indicates that the ValuesML annotations are unlikely to
be systematically shaped by annotators’ own value hierarchies, supporting the robustness of

the annotation process.

Table B

All Annotations (i.e., values labelled attained, constrained, and undecided)

prSD1  prST1 prHE1 prACl1 prPO1 prSE1  prTR1  prCO1 prBE1 prUNI1

0 0 0 0 0 0 0 0 0 0
SD1  -0.103 -0.025 0.197 0.160 0.162 -0.207 0.013 0.172 0.122  -0.159
0 0438 0.851 0.134 0226 0220 0.115 0.924 0.192 0356 0.230

ST10 0.053 0.175 0.165 -0.103 -294" 0.097 0.173 0.004 0210 0.042

0.688 0.186 0.212 0439 0.024 0463 0.190 0977 0.110 0.749
HE1 0.141 0.034 0.130 -0.016 -0.120 -0.089 0.009 0.014 0.100 0.101

0 0.288 0.797 0.325 0902 0364 0.505 0944 0918 0452 0.447
ACl 0.026 0.213 -0.034 0.195 0.041 -0.221 0.094 -0.215 0.165 -0.021
0 0.846 0.105 0.796 0.139 0.756 0.092 0481 0.102 0.211 0.875

*

PO1 0.063 299  -0.166 -0.002 -0.151 -0.021 -0.029 -0.006 0.084 -0.153

0.638 0.022 0.208 0990 0253 0.875 0.830 0.965 0.526 0.248
SE10 -0.179 -0.018 -0.182 -0.068 0.194 0.057 -321" 0.028 0.020  0.003

0.174 0.890 0.167 0.608 0.141 0.666 0.013 0.834 0.883  0.982
TR1  -0.019 -0.002 -0.179 -0.102 0.078 0.059 -276° 0.217 -0.074 -0.032

0.886 0.988 0.175 0.443 0.556 0.656 0.034 0.098 0.580  0.812
cor -0.170 0.211  -0.138 0.067 -0.001 -0.102 -0.225 0.047 0.147 -0.024
0 0.199 0.109 0.299 0.613 0995 0440 0.087 0.723  0.266  0.858
BEl -376" 0.013 -0.180 -0.012 0220 -0.090 0.075 0.035 -0.047 0.185

0.003 0924 0.173 0930 0.094 0497 0571 0.792 0.725 0.161
UNI -0.158 -0.043 0.190 0.103 0.169 -0.098 0.104 -0.024 -0.013 -0.045
0 0.233 0.748 0.150 0436 0.200 0461 0432 0.858 0.921 0.736

Note. N = 59. Correlations are based on all annotations. Text in purple in tables denotes
where the % of annotations for a value is less than 5% of the total.
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Annex 7: Word clouds of most used words in annotated value spans
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